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Abstract: The Theory demonstrates that oil price and oil volatility (OVX) are significant determinants
of economic activity; however, studies seldom consider both variables in the oil–exchange rate nexus
and ignore the distributional heterogeneity of the exchange rate. We investigate their joint effect and
employ both the quantile regression and Markov switching models to address this. We differentiate
between positive/negative shocks and control for the effect of the global financial crisis in 2008 and
the COVID-19 pandemic in 2020. We observe that OVX shocks significantly impact the exchange rate
for all countries whereas, oil price shocks only affect the exchange rate of oil importing countries.
Rising (falling) OVX causes the local currency to depreciate (appreciate). The impact of rising or
falling OVX is the same for oil importing and oil exporting countries whereas the impact of rising
and falling oil price varies. The impact of oil price and OVX on exchange rate is affected by market
conditions. The exchange rate responds to oil price and OVX mostly at lower quantiles (bearish
markets) for all countries, which reveals investors sensitivity. In contrast, a weak to no significant
response is observed at the higher quantiles (bullish market). Our results are robust in model selection
(Markov switching models).
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1. Introduction

The sustaining of a stable exchange rate is well established in literature as significant
to boosting economic growth (Danladi and Uba 2016; Conrad and Jagessar 2018). Therefore,
continuous scholarly attention has been given to the factors that affect exchange rate returns,
of which the central focus has mainly been on financial variables (stock market) (Tsagkanos
and Siriopoulos 2013; Korley and Giouvris 2021), macro-economic variables (Chang and
Su 2014), and governance (Fraj et al. 2018), with few studies specifically focused on oil
shocks in Sub-Sahara Africa (Nusair and Olson 2019). However, a change in the price of
oil is equally significant in determining the expected future fundamental movement(s)
of the exchange rate (Brahmasrene et al. 2014). Further, oil price and exchange rate are
both important factors that are closely linked to the economy (Ravazzolo and Rothman
2013; Evgenidis 2018; Ebenezer et al. 2022). This is because both variables are relevant for
forecasting future macro-economic activities (Raymond and Rich 1997; Evgenidis 2018).
Said and Giouvris (2019), looking at ten net oil importers/exporters, found that oil and
foreign exchange are the most important predictive variables of the state of the economy,
especially for emerging oil exporters, suggesting an over-reliance on this commodity.

Oil price shocks have been identified as a possible explanation for changes in the
exchange rate (Chaudhuri and Daniel 1998). Yousefi and Wirjanto (2004) observed that
an increase in oil price leads to the appreciation of the dollar. Chen and Chen (2007) have
similarly shown that shocks in the oil market lead to changes in the exchange rate in G7
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countries. Czech and Niftiyev (2021) used monthly data from January 2000 to May 2020
to analyse the exchange rate in Azerbaijan and Kazakhstan. Using structural VAR model,
their results show that a rise in oil price shocks leads to the appreciation of the exchange
rate of Azerbaijan and Kazakhstan against the USD. A similar result has been reported by
Conrad and Jagessar (2018) for Trinidad and Tobago using ARDL. Conrad and Jagessar
(2018), in their article, firstly argue that overvaluations and undervaluations in the exchange
rate impede economic growth and secondly that fluctuations in the price of oil can have
a serious impact on the real effective exchange rate (REER) especially if the country in
question (such as Trinidad and Tobago) relies heavily on it. Hence, knowledge of how
the oil price affects the exchange rate will help investors to diversify their portfolios to
hedge risk1 and also allow policy makers to develop effective strategies to reduce oil price
risk (Salisu and Mobolaji 2013). A possible strategy suggested by Zankawah and Stewart
(2020) is the use of alternative sources of energy that will reduce the high dependency on
oil to minimise the fluctuations in the exchange rate and promote economic growth (see
Konstantakopoulou 2016 on growth and Wang et al. 2022 on the use of clean energy). Khan
et al. (2021) show that oil price also affects the shipping industry and freight rates indicating
the importance of oil price for trade. Along the same line, Said and Giouvris (2019) have
found that Baltic Dry is more important for oil importers (Singapore, UK, Germany, Japan
and France). We expect therefore, that shocks in the oil market should lead to changes in
the exchange rate in developing countries in Africa as these countries depend heavily on
oil for revenue. The oil market is also a primary source of foreign exchange which can
generate structural difficulties in their economies (Eagle 2017). Alternatively, shocks in the
oil market may affect USD reserves in these countries and consequently their exchange
rates (Salisu and Mobolaji 2013).

Peersman and Robays (2009) argue that exchange rate changes due to oil price shocks
have a derailing impact on the economy. With this effect on the economy, several studies,
such as Aloui et al. (2013), have investigated the impact of oil shocks on exchange rates
in developed markets. Adding to this, Conrad and Jagessar (2018) have reported that
an increase in oil price results in an appreciation of the exchange rate in Trinidad and
Tobago. Their findings support the theoretical argument from studies such as Golub (1983)
that rising oil price leads to currency appreciation (currency depreciation) in oil exporting
(importing) countries. For example, a rise in oil price worsens the trade balance of net
importers since they need to buy more USD. This increases the nominal exchange rate and
thereby causes depreciation of the local currency, while with net exporters, the reverse is
possible due to increase in trade surpluses, improvement in current account balances hence,
appreciation of the local currency (Allegret et al. 2014). However, an area of concern is
Africa due to its rapid population growth. Rapid population growth leads to growth in
energy demand according to the IEA (2019). The projected growth in oil demand by the
IEA (2019), will be higher than China and India due to the projected population of Africa
that will surpass these two countries by 2040. This article, therefore, focuses on the effect
of oil shocks on exchange rates in Africa by examining the oil–exchange rate nexus for oil
exporting (Angola, Nigeria) and oil importing (Cote d’Ivoire, Ghana, Mauritania) countries
in Africa (see African Vault 2015) to provide a new explanation for the interdependency
between the variables.

Three reasons underpin the decision to focus on these developing countries in Africa.
First, Africa plays a significant role in the global oil markets. In 2019, Africa’s contribution
to the world’s total oil output was 9.6% (EIA 2020). Nigeria for example, is a leading
crude oil producer. Further to this, several countries in Africa, such as Ghana, Mauritania,
Senegal and Kenya, are joining the growing list of downstream and upstream oil producers
with new oil discoveries. Second, the oil sector is a significant contributor to their trade
balance (Eagle 2017). According to Eagle (2017), positioning oil as a main source of revenue
makes the economy be highly vulnerable to oil price volatility. This is confirmed by Said
and Giouvris (2019), who found that oil and foreign exchange are the most important
factors in predicting changes in GDP. They also indicate a two-way causality between oil
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and GDP for oil exporters. In Angola, for example, the 2014/15 oil price crisis depleted
government revenue and threatened their fiscal policies (Bala and Chin 2018). Third,
these countries are witnessing increases in foreign direct investment and rapid economic
growth (AFDP 2019). Countries experiencing rapid economic growth, according to Kin
and Courage (2014), are likely to be affected by oil price shocks because of an increase
in the demand for oil. Finally, studies on these phenomena in Africa are limited despite
its growing importance. Further assessment is needed in these countries as oil market
shocks have increased risks in developing countries relative to developed countries (IEA
2004). You et al. (2017) have emphasized that the consequences of oil market shocks in
developing countries are prevalent due to unstable macro-economic performance. Though
the relationship between exchange rate and oil price, as well as between exchange rate
and oil price uncertainty/oil price volatility2, have been examined in different studies, this
study examines the joint effect of both oil price and oil price uncertainty on exchange rates.

The rationale is based on recent theory which demonstrates that changes in both oil
price and oil volatility are significant determinants of economic activity (Ferderer 1996).
Similarly, Kocaarslan et al. (2020) reasons that the relationship between oil shocks and
economic variables should not be based solely on oil price without exploring the role
of oil volatility shocks, as this may produce biased estimates. In addition, Jin and Zhu
(2019) suggest that changes in oil price uncertainty should be regarded as an early warning
indicator to prevent risk contagion. This is with the consideration that uncertainty in the oil
market may reduce the efficiency of resource allocation by affecting and delaying important
decisions on investment, such as production and consumption (Kocaarslan et al. 2020)
which inevitably may depress exchange rate returns. For example, higher uncertainty in
the oil market leads to a decline in the economic output growth which lowers consumption
and spending. As the output growth of the economy falls, this impacts trade and may
cause an adverse effect on the exchange rate (Mekki 2005).

Some studies have also demonstrated the significance of oil price uncertainty from
different economic perspectives, such as aggregate output (Lee et al. 1995; Ferderer 1996),
investment (Pindyck 1993) and unemployment (Kocaarslan et al. 2020). Since uncertainty
in the oil market reduces wealth and investment (see Ferderer 1996), a number of studies
have empirically examined the role of oil price uncertainty on exchange rate (Ghosh 2011;
Muhammad et al. 2012; Salisu and Mobolaji 2013). For example, Salisu and Mobolaji (2013)
have reported that an increase in oil price uncertainty causes the Nigerian Naira to depreci-
ate relative to USD. However, oil price uncertainty, as defined in these studies, is suggested
to evolve according to a generalized autoregressive conditional heteroskedasticity process
(GARCH) computed from historical returns. Oil volatility generated by these models
may not be accurate as historical prices are less informative and do not account for fear
(Maghyereh et al. 2016).

This study takes a different approach. First, oil price uncertainty mentioned in this
study is based on a newly published crude oil volatility index (OVX). Another alternative
approach in prior studies is the use of VIX3 as a measure of uncertainty and risk aversion
(see Basher and Sadorsky 2016; Said and Giouvris 2017a, 2017b; Peng et al. 2019; Malik
and Umar 2019). Parallel to OVX is the VIX. The OVX however, is now regarded as a more
suitable and direct measure of oil price uncertainty as it is based on diversified traders and
investors expectation on future oil market changes (Ji and Fan 2016; Xiao et al. 2018). Only
few studies have employed the OVX as a measure of oil volatility. With those, the main
focus has been the impact of OVX on stock market (Liu et al. 2013; Maghyereh et al. 2016;
Xiao et al. 2018).

Second, although previous studies have demonstrated the role of oil shocks on ex-
change rates, this study, to the best of our knowledge, is the first empirical one to document
the joint impact of both oil price changes and OVX changes on exchange rates for devel-
oping countries (both importers and exporters). Breen and Hu (2021) looked at the effect
of oil price and OVX on the exchange rates of developed countries: Canada, Norway and
Australia. OVX appears to be a good predictor of exchange rates for Canada, Norway and



Economies 2022, 10, 272 4 of 29

Australia regardless of importer/exporter status. Therefore, we contribute to the literature
providing new insights on the oil–exchange rate nexus from the perspective of the OVX
(and price) for developing countries employing a bigger sample, one that could possibly
allow us to offer generalized results for developing countries.

Third, while previous empirical studies which have examined the link between ex-
change rates and oil prices have focused mainly on developed markets, our focus is on Sub
Saharan Africa (SSA). Previous studies on SSA, however, have relied on a linear specifica-
tion for their variables and do not take into account that the effects of oil price on exchange
rate might vary throughout the returns distribution. However, empirical evidence shows
that shocks of different signs and magnitudes do have different impacts on the exchange
rate (Nusair and Olson 2019). In this study therefore, we account for distributional hetero-
geneity of the exchange rate by employing the quantile regression (QR) model proposed by
Koenker and Bassett (1978). We examine whether oil shocks affect exchange rates among
bearish (lower quantile), normal (median) and bullish (higher quantile) markets. The QR
model allows shocks of different signs and magnitude to have varying impacts on the
dependent variable and allows for a more detailed investigation into different market
conditions, namely bearish, normal and bullish markets (see Nusair and Olson 2019). As
Su et al. (2016) have observed, the conditional heterogeneity of the exchange rate may have
an influence on the relationship that exists between the variables. Applying this approach
Nusair and Olson (2019) point out that the impact of oil prices on exchange rate depends
on market circumstances (e.g., bearish or bullish markets). Our study differs from Nusair
and Olson (2019) by examining the role of OVX in the oil–exchange rate nexus. Thus,
accounting for such varying and distributional asymmetric effect provides a more accurate
finding. The QR model has not been used for the countries under investigation. This
model enables us to determine if the relationship between the variables differs throughout
the distribution of the exchange rate return in developing countries. To the best of our
knowledge, this is the first empirical study on the oil–exchange rate nexus to adopt this
approach with respect to these countries.

In addition, we differentiate positive oil shocks from negative oil shocks. Several
studies point to the fact that oil price shocks on macro-economic variables are directionally
asymmetric (Akram 2004; Ahmad and Hernandez 2013; Evgenidis 2018) with the view that
positive and negative shocks may have varying effects. Thus, we aim to jointly account
for the asymmetric impact of oil prices and OVX changes on exchange rate return among
some oil exporting (Angola, Nigeria) and oil importing countries (Cote d’Ivoire, Ghana,
Mauritania) in Africa using the quantile regression model. Specifically, we compare results
from the OLS model and the QR model in developing countries. Furthermore, we present
a recent picture on the oil–exchange rate nexus by using a more recent sample period of
2007–2022, covering both the global financial crisis and the COVID-19 pandemic. Thus,
we include a dummy variable to capture the structural change due to the financial crisis
in 2008 and the COVID-19 pandemic in 2020. This is because other studies argue that the
co-movement between exchange and oil prices was stronger during the financial crisis
(Malik and Umar 2019) and the COVID-19 pandemic (Czech and Niftiyev 2021). Finally,
we also conduct detailed sensitivity analysis of the results using an alternative technique
(Markov switching model) for robustness.

To summarise, a distinguishing feature of this study from earlier work is the incor-
poration of oil price uncertainty in the oil–exchange rate nexus and the application of the
quantile regression model (and Markov switching model for robustness). The results of this
study show that the effect of oil price and OVX shocks and exchange rate is asymmetric
(whether oil shocks is positive or negative) and depends upon the state of the exchange rate
market (bullish, normal or bearish). For instance, falling oil price shocks have greater im-
pact on exchange rate returns than rising oil price shocks and these effects vary throughout
the distribution of the exchange rate returns in terms of magnitude and significance. The
oil risk (oil price and OVX) shocks are more pronounced when the market is bearish. The
evidence from OVX shocks on exchange rates is negative and significant for most countries.
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We find that the impact of oil prices on exchange rates is negative and significant for the oil
importing countries (Cote d’Ivoire, Ghana and Mauritania) whereas we observe a weak
effect for the oil exporting countries (Nigeria and Angola). Our results on the impact of
OVX on exchange rate do not depend on country classification (it is independent of the
status of a country as oil exporting or oil importing) as we observe that a fall in OVX causes
the domestic currency to appreciate whereas a rise in OVX causes the domestic currency to
depreciate. Moreover, the impact of rising and falling oil prices can vary. The results are
robust to an alternative econometric technique (Markov switching models).

The rest of the study is organised as follows: Section 2 presents theory and briefly
reviews literature on the relationship between oil risk and exchange rate, Section 3 ex-
plains the research methodology, which includes details of the adopted econometric model
while Section 4 outlines the results of the statistical test analysis and the outcome of the
econometric model. Finally, Section 5 provides the conclusion of this study.

2. Literature Review
2.1. Theoretical Background

In assessing the impact of oil prices on exchange rates, different studies have under-
pinned a number of theoretical models that explain a link between the two variables such
as the terms of trade (Amano and Van Norden 1998) and the wealth effect (Golub 1983;
Bodenstein et al. 2011). For terms of trade, studies such as that of Giulietti et al. (2015) point
out that oil price tends to follow the law of one price because the price of oil is one of the
main drivers of economic trade. To demonstrate this, Amano and Van Norden (1998) devel-
oped a framework to capture the effect of oil price and real exchange rate. Traditionally, a
two-way transition mechanism is identified for oil exporting countries (supply side) and oil
importing countries (demand side). For oil importing countries for example, Amano and
Van Norden (1998) directly matched the increase in oil prices to a fall in trade balance which
may in turn cause the local currency of the importing country to depreciate4. However,
for an oil exporting country an increase in oil prices will increase trade balance causing
the local currency of the exporting country to appreciate5. Subsequently, the intent of the
latter is based on a transfer of wealth from oil importers to oil exporters6. For example,
higher oil prices will lead to a change in the exchange rate of the importing country based
on current account imbalances and portfolio reallocation. That is, a rise in oil prices will
lead to depreciation of the currency of the importing country and an appreciation of the
currency of the exporting country.

Diaz et al. (2016) argue that an increase in oil prices can have dire consequences on
economic activity. Khan et al. (2021) show that oil price also affects the shipping industry
and freight rates indicating the importance of oil price for trade. An argument by Soojin
(2014) on oil price uncertainty shows that oil price uncertainty has an adverse effect on
economic activity. In particular, some studies have demonstrated that oil price uncertainty
is as important as the level of oil price in determining economic activity (Ferderer 1996;
Kocaarslan et al. 2020). These authors base their argument on the theory of investment
under uncertainty. Following these, we considered both oil prices and oil price uncertainty.

For example, during uncertain economic conditions, common practice/theory dictates
that managers delay the making of investment decisions as the risks posed are often
irreversible. Managers tend to postpone decisions on investments until the risks presented
by the uncertainties are reduced. The investment delay may significantly affect macro-
economic activities and thus may result in cyclical fluctuations in the economy (Bernanke
1983; Elder and Serletis 2010; Kocaarslan et al. 2020). According to Bernanke (1983),
rising uncertainties may equally be misunderstood by agents as they may not be able to
isolate a permanent shock from a temporary shock. This lack of clarity, therefore, may
lead a temporary shock to be confused as a permanent shock. Bernanke (1983) therefore,
demonstrated that it is optimal for firms to postpone irreversible investment decisions in
response to an increase in oil price uncertainty. Additionally, Edelstein and Kilian (2009)
found evidence that uncertainty may also affect consumer expenditure due to an increase
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in precautionary savings by agents in response to increased oil price uncertainty. Thus, it
could be argued that delay in investment in response to rising oil price uncertainty has an
adverse impact on aggregate investment and consumption in the real economy (Kocaarslan
et al. 2020; Wang et al. 2017). Moreover, if incentive to investment and consumption declines
this tends to impact trade and consequently may have an adverse effect on exchange rate
returns (see Mekki 2005).

2.2. Empirical Evidence
2.2.1. Developed Countries

Exchange rate and oil prices provide a wealth of research because both variables
have been associated with economic activities (Hamilton 1996). Several studies have
established the relationship between oil prices and exchange rates, however, the bulk
of research on the relationship between oil prices and exchange rate have focused on
developed economies. Lizardo and Mollick (2010), for example, show that an increase in
oil price leads to appreciation of the USD relative to the local currency of net oil importers
such as Japan, with the depreciation of the USD relative to the local currency for net oil
exporters such as Canada. Chen and Chen (2007) examined the relationship between
real oil prices and exchange rates for G7 countries and found a significant relationship
between real oil prices and real exchange rates. They showed that real oil prices are a
significant component in explaining the exchange rate movement. Amano and Van Norden
(1998), based on analyses of Germany, Japan and the US identified that real oil prices
are a dominant component in determining real exchange rates in the long run. Similarly,
Chaudhuri and Daniel (1998) found that changes in the oil price explain the movement in
the US dollar real exchange rates. Issa et al. (2008) found that the impact of real oil prices
on the Canadian dollar are negative. Cifarelli and Paladino (2010) employed multivariate
GARCH to examine the relationship between oil prices and exchange rates and reported
a significant negative relationship between oil volatility and the real USD exchange rate.
Wu et al. (2012) found that oil prices significantly contribute to the movement in US dollar
exchange rate. In another study, Volkov and Yuhn (2016) found co-movement between oil
prices and exchange rates for Russia, Norway, Brazil, Mexico and Canada. Using GARCH-
M the authors revealed that an increase in oil prices causes the local currencies in all the
countries (oil exporting) to appreciate. However, Habib and Kalamova’s (2007) research
on the long-run relationship between oil prices and exchange rates for Russia, Norway,
and others, concluded that there is no long-run relationship between the variables for all
countries except for Russia.

2.2.2. Developing Countries (Africa)

There are few studies on the relationship between oil prices and exchange rates that
specifically focus on developing countries. For these countries, the focus has mostly been on
Nigeria with differing results. For example, Turhan et al. (2013), using a vector autoregres-
sive model to examine the dynamic link between oil prices and exchange rates in Nigeria
and other emerging economies, found that there is no significant relationship between oil
prices and exchange rates in Nigeria. Thus, oil prices do not help to explain the dynamics
in the exchange rate. Ozsoz and Akinkunmi (2012) employed a vector error correction
model to detect the determinants of real exchange rates in Nigeria from 2004 to 2010. Their
model showed that an increase in oil prices leads to an appreciation of the Naira exchange
rate. This relationship is expected as Nigeria is a net oil exporter. Similarly, Adeniyi et al.
(2012) used the GARCH model to confirm Ozsoz and Akinkunmi’s findings. In contrast,
Muhammad et al. (2012) claimed that oil price increases lead to the depreciation of the
Nigerian Naira. Coleman et al. (2011), on the relationship between real exchange rate and
oil prices for a number of African countries, found no statistically significant relationship
between the oil market and the exchange rate market for Cote d’Ivoire. Similarly, Lv et al.
(2018) found no evidence of either a long- or a short-run dynamic between oil prices and
exchange rates in Angola. Eagle (2017) also found no statistically significant relationship
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between oil prices and exchange rates in Angola. Zankawah and Stewart (2020) examined
Ghana (oil importing) using a GARCH-BEKK model, found that oil price shocks have a
significant effect on the exchange rate, while an increase in oil price causes the Ghanaian
Cedis to depreciate, supporting a negative relationship. The significant effect between
oil price and exchange rate in Ghana was also confirmed in the findings by Mensah et al.
(2016). However, Ngoma et al. (2016) observed that rising oil prices causes the Ghanaian
Cedis to undergo a short-lived appreciation.

In light of the current results in these developing countries and the fact that oil price
shocks are perceived as a good predictor of the exchange rate, further research is needed.

2.2.3. Asymmetric Effects of Oil Prices

Although, the studies discussed above indicate a relationship between oil price and
exchange rate, results vary a lot. Meanwhile, other studies have associated the varied
results on the fact that the effect of oil price shocks is directionally asymmetric concluding
that positive and negative shocks may have varying effects (Hamilton 2003; Akram 2004;
Ahmad and Hernandez 2013). Similarly, the linear and symmetric approaches alone are
not enough to explain the relationship between the variables due to the asymmetric effect
of oil price shocks (Mork 1989; Balke et al. 2002). Mork’s (1989) support for asymmetric
effects of oil price has been confirmed by Kocaarslan et al. (2020), who state that identifying
asymmetries enables a better understanding of the key role of oil price. However, prior
literature on developing countries has ignored the likelihood of asymmetric effects of oil
shocks on the exchange rate.

To account for asymmetries in oil price shocks, some studies have used oil shock indi-
cators, such as demand and supply shocks, to characterise asymmetries in the relationship
between oil prices and exchange rate. For example, Atems et al. (2015) argue that the
response of exchange rate to oil prices differ greatly depending on whether the shocks
are driven by supply or demand as they only observed significant effects from demand
shocks. Malik and Umar (2019), using daily data from major oil exporting and oil importing
countries, namely Brazil, Canada, China, India, Japan, Mexico and Russia from 1996 to
2019, found that oil price shocks driven by changes in demand have an effect on exchange
rates; However, they observed no significant impact on exchange rates from supply shocks.
A similar effect has been found by Chen et al. (2016), who observed no significant effect of
supply shocks on the exchange rate but found that demand shocks significantly impact the
exchange rate return for most OECD countries. On the contrary, Jiang and Gu (2016) have
shown that oil supply shocks had a more significant effect. On the other hand, asymmetries
are characterised by positive and negative oil price shocks as reflected in Hamilton (2003,
1996); Mork (1989); and Wang et al. (2013). These studies report that the magnitude of the
positive oil shocks on macro-economic variables is greater than negative shocks, indicating
an asymmetric effect. Asymmetric effects are also reported in the study by Engemann et al.
(2014), which showed that some states only respond to negative oil price shocks.

To formalise the asymmetric relationship between oil prices and exchange rates, Akram
(2004) highlighted the asymmetric effects of oil price shocks to the Norwegian exchange
rate. Wu et al. (2012) also identified the asymmetric relationship between oil price and the
US dollar exchange rate. Their studies further highlight how the relationship between the
two variables appear to be more negative when the US dollar depreciates than when the
dollar appreciates. In a study by Mensi et al. (2015), the authors used a bi-variate dynamic
conditional covariance EGARCH model to show that the relationship between oil price and
exchange rate is asymmetrical. Unlike the aforementioned studies on developing countries,
this paper considers whether changes in oil price risk have asymmetric impact on the
exchange rate return. Most empirical studies on the oil–exchange rate nexus, particularly
in the developing countries under study, do not include the asymmetric effect of oil price
shocks on exchange rates, which may cause the relationship to be biased (Atems et al. 2015).
An exception is Iwayemi and Fowowe (2011), who found that negative oil shocks have
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significant predictive power on real exchange rates in Nigeria while positive oil shocks had
no significant effect.

2.2.4. Justification for QR Model

Hamilton (2003) has shown that macroeconomic fundamentals are largely nonlinear
and asymmetric. In the literature, various studies have been based on linear models (Chen
and Chen 2007) while, others employed non-linear models (Lv et al. 2018). For example,
Lv et al. (2018) used Markov switching model(s) to investigate the nonlinear impact of
oil shocks on the exchange rate. However, the Markov switching model in these studies
is largely governed by two regimes, a high and a low volatility state and thus fails to
capture the entire distributional heterogeneity of exchange rate responses, such as when
the market is bullish (low volatility), bearish (high volatility) or normal (neither bearish
nor bullish) (Su et al. 2016). The QR analysis makes it possible for shocks of different
magnitudes and signs to have different impacts on the exchange rate (Nusair and Olson
2019). With no consensus in empirical evidence in the relationship between oil shocks and
exchange rates, some authors began to identify the basic rationale underlying the conflicting
results, including the findings of Su et al. (2016). Their findings show that previous studies
ignored the distributional heterogeneity of the exchange rate return (different market
conditions). The authors posit that the large depreciation or appreciation of a country’s
exchange rate will lead to changes in the terms of trade and current account balances
which may lead to the exchange rate exhibiting distributional heterogeneity. They further
suggest that both the ‘central bank intervention effect’ and the ‘export selection effect’7

provide the theoretical foundation for the distributional heterogeneity of the exchange rate
return. Similarly, Nusair and Olson (2019), in a similar study, observed that the effect of oil
prices on exchange rate varies throughout the distribution of the exchange rate and hence
varies under different market conditions. Thus, in comparison with related literature in
identifying the impact of oil shocks on exchange rates, this study employs the quantile
regression (QR) model proposed by Koenker and Bassett (1978). The QR model is less
sensitive to the presence of outliers, skewness and non-normal errors and so produces
more robust and accurate results (Xiao et al. 2018). Although, this method has been used
to determine the relationship between financial and economic variables by Lee and Zeng
(2011) for G7 countries, Nusair and Al-Khasawneh (2018) for GCC countries, and Nusair
and Olson (2019) for Asian countries, it has not been applied in this regard for the countries
in this study.

3. Data and Methodology
3.1. Data

The sample of this study consists of U.S Dollar (USD) nominal exchange rates of
five developing countries8 namely, Angola, Cote d’Ivoire, Ghana, Mauritania and Nigeria.
Although we wish to add more countries, data is not available. Our choice of countries,
although stemming largely from the limited number of studies in Africa, are all oil pro-
ducing countries that still depend on energy importation, especially refined petroleum
products. According to Eagle (2017), eighty percent of oil producing countries in Africa
export crude oil and import refined petroleum products, thereby making these economies
very susceptible to the fluctuations of oil prices. In addition, this group of counties includes
both net oil exporting countries (Angola and Nigeria) and net oil importing countries (Cote
d’Ivoire, Ghana, and Mauritania) as shown in Table 1. Therefore, there is the possibility
to uncover potential differences in the impact of oil price and OVX changes on exchange
rate between oil exporting countries and oil importing countries. Several researchers have
pointed out that the impact of oil prices on macro-economic variables differ depending on
whether a country is a net importer or a net exporter (Wang et al. 2013). The aim of the
study is to ascertain the extent to which (if any) oil price changes and OVX changes affect
exchanges rates in oil exporting/importing countries.
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Table 1. Classification of countries. This table reports the oil exports/imports and net oil exports for
our sample countries in 2015. All data are obtained from Datastream, OPEC and Central Intelligence
Agency (CIA) and the UN Environment Programme (UNEP) website. -: data not available.

Countries
Crude Oil Thousand Barrels per Day

Exports Imports Net Exports

Cote d’Iviore 26.7 62.35 −35.65
Ghana 1.93 2.05 −0.12
Nigeria 2114.00 441.00 1673.00
Angola 1710.90 134.50 1576.40

Mauritania - - −201.00

The oil risk in this study is composed of the crude oil implied volatility index (OVX)
and crude oil prices9. Data on oil prices and nominal exchange rate are derived from
DataStream and data on crude oil implied volatility index are obtained from the Chicago
Board of Exchange’s (CBOE) official website. For the oil price data, we chose the crude oil
Brent because two thirds of global crude contracts are based on crude oil Brent and it is the
most widely used reference (Umar et al. 2021). We express the nominal exchange rate in
terms of USD per one unit of the domestic currency so that an increase (decrease) in the
nominal exchange rate leads to depreciation (appreciation) of the USD.

The data set considered in this study contains daily observations; this is considered
more appropriate as higher frequency data are said to contain more specific and detailed
information than lower frequency data (Aloui et al. 2013). Daily data have been used by
other studies in examining the oil–exchange rate nexus such as You et al. (2017) and Malik
and Umar (2019). The authors acknowledge that using daily data captures the dynamic
interactions between oil price and exchange rate. Moreover, the oil–exchange rate nexus
may be influenced by monetary policy/interest rate such as LIBOR (see Iwayemi and
Fowowe 2011; Volkov and Yuhn 2016); however, we could not incorporate such factors in
our model as there is no daily series available for all the selected countries10. Our sample
period is between 10 May 2007 and 3 March 2022. This yielded 3871 daily observations. The
start date of May 2007 is based on the crude oil implied volatility index as there are no prior
data to this time. The period under study captures various financial and economic crises
such as the global financial crisis (2007–2009) and the COVID-19 pandemic. Figure 1 shows
the plot of the oil prices and the OVX movement over the sample period. For example,
in Figure 1 we observe a fall in oil prices in 2008 and from mid-2014 to early 2016. The
2008 spike could be attributed to the global financial crisis and the later period could be
attributed to the US Shale oil development shocks. In fact, a significant decline in the oil
prices is from early 2020 to mid-2020 and was driven by the COVID-19 pandemic. During
this period international oil prices witnessed a drastic fall by more than three times from
74USD/Barrel to 20 USD/Barrel.

In this study, we converted all price series into returns by taking the natural log
difference of the price multiplied by 100.

Table 2 shows the descriptive statistics of data. In Table 2, the mean returns for
exchange rate for all countries over the sample period are negative which suggest a nominal
appreciation against the USD, while the oil variables show a positive mean return.
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Figure 1. Trend of oil price and OVX.

Table 2. Descriptive Statistics. This table shows descriptive statistics for the return series respectively
covering the period 14 January 2007–31 December 2019. SD is the standard deviation, J–B test is the
Jarque–Bera normality test. ** means that the null hypothesis is rejected at the 5% significance level.

Exchange Rate
Returns and Oil

Indices
Mean SD Skewness Kurtosis J–BTest

Cote d’Ivoire −0.0051 0.6619 −0.0294 5.9117 1367.68 **
Ghana −0.0526 0.8710 −0.1979 22.8740 63,715.54 **

Mauritania −0.0083 0.8194 −1.7153 60.4144 533,444.4 **
Nigeria −0.0305 1.0671 −10.7678 337.5160 18,118,819 **
Angola −0.0472 0.5842 −7.8260 168.0834 4,433,972 **

Oil Price 0.0166 3.1931 −5.4473 245.2984 9,485,884 **
Oil Volatility 0.0235 5.7300 1.6546 31.1969 129,970.5 **

3.2. Methodology and Research Hypotheses

According to Hu (2006), crisis/structural breaks may impact the structure and degree
of dependence between variables. Similarly, Baur (2013) states that a model without a
dummy variable to capture breaks in the series implies that the dependence is fully captured
by the slope variables, which may be biased. Accordingly, authors such as Beckmann et al.
(2016) and Malik and Umar (2019) identified that the co-movement between exchange
rates and oil shocks have intensified since the global financial crisis. The authors split their
data period into pre-crisis, crisis and post-crisis, while others show that the strength of the
relationship between exchange rates and oil price has significantly increased during the
COVID-19 pandemic (Czech and Niftiyev 2021). Some studies have also employed dummy
variables to capture the impact of the crisis on the oil–exchange rate nexus (Pershin et al.
2016; Brahmasrene et al. 2014). In this study, we follow Brahmasrene et al. (2014), who
included a dummy variable to examine the impact of the 2008 financial crisis (2008 oil price
shock) on the oil–exchange rate nexus. Our study differs from Brahmasrene et al. (2014) in
so far as we include a structural break (dummy variable) to capture the impact of the global
financial crisis in 2008 and the COVID-19 pandemic in 2020 on the dependence between
exchange rates and oil risk shocks in Africa. Thus, we apply the QR analysis using dummy
variables to capture the impact of the 2008 financial crisis and the COVID-19 pandemic
on the co-movement between the variables. Using a dummy variable follows a number
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of studies, including Devpura (2021). Specifically, the aim of this study is to ascertain the
extent to which (if any) oil price changes and OVX changes affect exchanges rates in oil
exporting/importing countries under different economic conditions (crises) considering
different econometric approaches. Our research hypotheses are as follows:

Hypothesis 1 (H1). Oil price changes/shocks affect the exchange rate for all countries.

Hypothesis 2 (H2). OVX changes/shocks affect the exchange rate for all countries.

To provide a first glimpse, our results show that the impact of a rising or falling OVX
is the same for oil importing and oil exporting countries whereas the impact of rising and
falling oil price varies/depends on market conditions (bull vs. bear market). As indicated
in previous sections, we also employ Markov switching models to test for robustness. Both
hypotheses remain the same.

3.3. Econometric Model

Given that the purpose of this study is to evaluate the relationship between oil risk
shocks (OIL and OVX) and exchange rate under different market conditions, and that it
follows the framework of Nusair and Olson (2019), the QR model proposed by Koenker
and Bassett (1978) is adopted to fulfil our objective. As stated earlier this model allows the
effect of the independent variables to vary across several quantiles.

The main focus is to establish if there is an asymmetric effect of oil risk shocks (OIL
and OVX) on exchange rates in Africa. The asymmetric effects of oil price shocks were
based on significant empirical evidence (Balke et al. 2002). To start with, a standard OLS
model was specified as follows:

nt = β0 + β11OIL+
t + β12OIL−t + β21OVX+

t + β22OVX−t + γDt + εt (1)

where, OIL+
t = max(OILt , 0), OIL−t = min(OILt , 0), OVX+

t = max(OVXt , 0) and
OVX−t = min(OVXt , 0).

nt denotes the nominal exchange rate return at time t, OILt denotes the oil price
changes, OVXt denotes the crude oil volatility changes, Dt is a vector of n dummy variables
with Dit = 1, if observation t belongs to the ith period and 0 otherwise, εt is a random error
term.

Nonetheless, empirical evidence has shown that the impact of oil risk shocks on
exchange rate varies throughout the distribution of exchange rate returns. To ascertain to
this fact, we employed the QR model which is specified as follows:

Qnt

(
τ

xt

)
= ατ + x́tβ

τ (2)

In this section nt represents the dependent variable which was assumed to be linearly
dependent on x, Qnt

(
τ
xt

)
is the τth conditional quantile of the dependent variable, ατ is

the intercept and denotes the unobserved effects at τth quantile, xt and βτ represents a
vector of independent variables (which includes oil return, OVX changes and dummy
variables), and a vector of estimated quantile regression coefficients respectively. The
estimated coefficient βτ of the τth quantile of the conditional distribution, based on the
least absolute deviation approach, can be specified as a minimization of the weighted
deviations as follows

β̂τ = arg min
ˆβ ε Rk

∑j
i=1 ρτ

(
nt − x́t β̂

τ − ατ
)

(3)

where ρτ is the weighted absolute factor also known as check function is defined as
ρτ(σ) = σ(τ − I(σ < 0))
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Alternatively, it can be represented as

ρτ (θt ) =

{
τθt

(τ − 1)θt,
i f θt ≥ 0
i f θt < 0

For any τ ∈ (0, 1)

In this equation, θt = (nt − x́t β̂
τ − ατ).

In addition, the sum of residuals is minimized into positives and negatives given
different weights of τ and 1− τ respectively, based on linear programming. Basically,
quantile regression is based on minimizing absolute errors, further details of the estimation
can be found in Koenker and Bassett (1978).

Then, to evaluate the effect of oil risk shock on exchange rate returns throughout the
distribution of exchange rate returns we specified the QR model as follows:

Qnt

(
τ

xt

)
= βτ

0 + βτ
1OILt + βτ

2OVXt + γτ Dt (4)

Qnt

(
τ

xt

)
= βτ

0 + βτ
11OIL+

t + βτ
12OIL−t + βτ

21OVX+
t + βτ

22OVX−t + γτ Dt (5)

Following Nusair and Olson (2019), we restricted our quantiles to nine (τ = 0.10, 0.20,
0.30, 0.40 . . . and 0.90). We then divided them equally into 3 quantiles, namely lower
quantile (τ = 0.10, 0.20 , 0.30), median quantile (τ = 0.40, 0.50, 0.60) and higher quantile
(τ = 0.70, 0.80, 0.90). Lower exchange rate quantile corresponds to bearish market and
represents large USD appreciation against the domestic currency. Higher exchange rate
quantile corresponds to bullish market and represents large USD depreciation against the
domestic currency. Meanwhile, median exchange rate quantile corresponds to normal
market which means that the market is neither bearish nor bullish. In our case, for each
market condition, two observations must be statistically significant to be considered as
significant.

4. Results and Analysis
4.1. Stationarity and Cointegration

In Table 3, we test the stationarity and integration order of the variables, to avoid the
problem of spurious regression. The study employed three different tests for robustness
namely: Augmented Dickey–Fuller test11 (Dickey and Fuller 1979), Phillips and Perron
(1988), and Kwiatkowski et al. (1992). The ADF and PP test failed to reject the null
hypothesis in all the log level series except for OVX, suggesting evidence of unit root in the
series. However, for the first difference of the log level series, both ADF and PP rejected
the null hypothesis, this suggests that the first difference was stationary. The KPSS test
rejected the null hypothesis in all the log level series except for OVX. However, with the
first difference of the log series, the KPSS failed to reject the null hypothesis, hence the first
difference of the log series was stationary. All three tests confirmed that all variables are
non-stationary in their levels except OVX but stationary in their first difference. Thus, the
series were integrated of order I(1), while OVX is I(0).

Then, the bound testing approach (Pesaran et al. 2001) was used to investigate the
degree of integration between the variables. The bound testing was appropriate for this
study since integration order of the variables was mixed. The bounds testing approach
made it possible to determine more efficient cointegrating relationship and did not require
series of the same integrated orders (Sari et al. 2010), thus we could infer if there existed
a long-run relationship between the variables. The result, shown in Table 4, fails to reject
the null hypothesis of no-cointegration between the variables at the 5% significance level
except for Angola. Thus, the results suggest that there is no long-run relationship between
exchange rate, oil price and OVX for each country except for Angola12.
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Table 3. Unit root and stationary test. The table shows the unit root and stationarity test for the oil
index and exchange rate series. ADF is the augmented Dickey–Fuller test, PP is the Phillips–Perron
test, KPSS is the Kwiatkowski–Phillips–Schmidt–Shin test. Null hypothesis for ADF and PP; H0 =
series has unit root (H0: π = 0); null hypothesis for KPSS test; H0 = series is stationary. *** indicate
1%, ** indicate 5% significance level and * indicate 10%.

Exchange Rate Series and
Oil Indices

ADF t-Test PP-Test KPSS-Test

Level First Diff. Level First Diff. Level First Diff.

Countries and oil indices
Cote d’Ivoire −1.6722 −69.244 *** −1.678 −69.291 *** 5.434 *** 0.037

Ghana −0.829 −22.007 *** −0.834 −80.646 *** 7.580 *** 0.080
Mauritania −1.165 −40.656 *** −1.125 −100.418 *** 7.131 *** 0.064

Nigeria −0.015 −51.577 *** −0.002 −82.037 *** 7.196 *** 0.106
Angola 0.801 −21.907 *** 0.847 −66826 *** 6.689 *** 0.625

OIL −2.6310 * −13.164 *** −2.483 −66.280 *** 2.079 *** 0.073
OVX −4.467 *** −66.613 *** −4.0948 *** −68.496 *** 0.421 0.030

Table 4. Bounds-testing cointegration estimation results. The table presents bounds-testing estimation
results. This estimation is based on the null hypothesis of “no cointegration” against the alternative.
We failed to reject the null hypothesis if the F-statistics obtained were lower than the critical values.
The critical values for the 5% significance level I(1) is 4.94 and I(0) is 5.73 values as suggested in
Pesaran et al. (2001).

Country F-Statistics Lag Order

Cote d’Ivoire 1.154 (4,3,1)
Ghana 2.256 (4,2,0)

Mauritania 2.381 (4,0,0)
Nigeria 4.731 (3,0,0)
Angola 6.750 (4,4,0)

4.2. Structural Breaks

Before proceeding to the QR analysis using the return series, we tested for structural
breaks in the relationships within the oil–exchange rate nexus. The effects of structural
breaks inherent in the data series may impact the relationship between the variables since
the variables may vary due to these structural breaks (Beckmann et al. 2016). Zhu et al.
(2016) have mentioned that the slope variables may be biased when dependence is impacted
by structural breaks. Since the span of our study is characterised by different shocks and
events such as the 2008 global financial crisis and COVID-19 pandemic, such events may
suggest structural breaks in the dependence between the variables. To identify structural
breaks in the co-movement between the variables, we applied the Bai and Perron (1998,
2003) multiple structural breakpoint test, allowing for a maximum of five breaks as shown
in Table 5.

Table 5. Bai–Perron multiple breakpoint tests. The table presents the estimation results of the
Bai–Perron multiple structural breakpoint tests, allowing for a maximum of five breaks for the
relationship between the return series of the two variables. Null hypothesis: H0 = L + 1 vs. L
sequentially determined structural breaks. Bold values indicate 5% significance level.

Countries 0 vs. 1 1 vs. 2 2 vs. 3 3 vs. 4 4 vs. 5 Number of
Breaks BD1 BD2

Cote d’Ivoire 78.42 17.25 2.70 0.00 0.00 2 20 January 2010 25 March 2013
Ghana 1.37 0.00 0.00 0.00 0.00 0

Mauritania 1.23 0.00 0.00 0.00 0.00 0
Nigeria 3.83 0.00 0.00 0.00 0.00 0
Angola 2.67 0.00 0.00 0.00 0.00 0
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The results from Table 5 suggest that structural breaks are only present in Cote d’Ivoire
(2010, 2013), while the other countries show no evidence of structural breaks. These breaks
correspond to the aftermath of the global financial crisis in 2008, and the Euro debt crisis
in 2011. Moreover, the breaks did not capture the highest oil price uncertainty jump and
the lowest drop in oil price that each coincide with the global financial crisis in 2008, the
oil price shock in 2016 and the COVID-19 pandemic as shown in Figure 1. Following
Pershin et al. (2016), we did not consider these breaks as we observed no evidence of
structural breaks in most countries. However, the possible effect of financial crisis in 2008
and the COVID-19 pandemic must be considered because the oil–exchange rate nexus may
change. Some authors have identified that the co-movement between exchange rate and oil
shocks has intensified since the crisis (Beckmann et al. 2016; Reboredo and Rivera-Castro
2013; Czech and Niftiyev 2021). Thus, in this study, we applied the QR analysis including
dummy variables in order to capture the impact of the global financial crisis in 2008 and
the COVID-19 pandemic on the dependence between exchange rate and oil risk shocks in
Africa. Accordingly, the dummy variable was informed by authors such as Beckmann et al.
(2016); Zhu et al. (2016). In addition, Zhu et al. (2016) have posited that ignoring structural
breaks between financial and economic series may render the estimation inappropriate.

4.3. Oil Price and OVX Changes on Exchange Rate
4.3.1. OLS Estimation
Net Oil Importers

We apply OLS and quantile regression models to examine the relationship between
the exchange rate and oil risk factors (Oil price and OVX). In Table 6 (see column 3), the
OLS results show that oil price has a positive impact on exchange rate for all countries,
however only Cote d’Ivoire is significant. This implies that rising oil price causes the USD
to depreciate against the domestic currency. The appreciation of the domestic currency
is contrary to the ‘wealth effect’. Specifically, net importers need to pay for imported oil
using USD purchased from the international currency market, hence the demand for USD
goes up, depressing the domestic currency (Lizardo and Mollick 2010). The result for Cote
d’Ivoire is surprising as no relationship was expected because of their strong restrictions
on their respective exchange rate as they maintain a pegged exchange rate regime (Lv et al.
2018). Lv et al. (2018) posit that countries with a pegged exchange rate regime weaken or
eliminate the relationship between exchange rate and oil prices shocks. Interestingly, Lv
et al. (2018) found a significant impact of oil price shocks on exchange rates for Kuwait and
Saudi Arabia, which also observe a pegged exchange rate. Our results for Cote d’Ivoire
are, however, contrary to Coleman et al. (2011) who found no relationship between oil
price shocks and exchange rate for Cote d’Ivoire. The OLS results further show that OVX
changes have negative impact on the exchange rate in Ghana and Cote d’Ivoire. This result
indicates that an increase in OVX leads to a decrease in the exchange rate returns thereby,
causing an appreciation of the US dollar against the Ghanaian Cedis and CFA franc. This
finding can be attributed to the fact that greater uncertainties in oil prices have a significant
impact in the real economy (Wang et al. 2017) which in turn affects the exchange rate.

Net Oil Exporters

Our results for Angola and Nigeria (OPEC) show that neither oil price changes nor
OVX changes have a significant effect on their currencies. This is contrary to theory based
on the terms of trade effect and some studies such as Korhonen and Juurikkala (2009),
who have reported that oil price negatively affects exchange rate for OPEC member coun-
tries. However, Angola’s result is in tandem with Eagle (2017), who found no statistically
significant relationship between oil price volatility and exchange rate. For Nigeria, the
result is contrary to findings of Adeniyi et al. (2012) and Olomola and Adejumo (2006) who
reported a statistically inverse relationship between oil price shocks and exchange rate.
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Table 6. Estimation results for OLS and quantile model. The table shows the OLS and quantile model
estimation results. We chose nine quantiles (τ = 0.10, 0.20, 0.30, . . . , 0.90) and divided them into three
regimes: low (τ = 0.10, 0.20, 0.30), medium (τ = 0.40, 0.50, 0.60) and high (τ = 0.70, 0.80, 0.90)
which correspond to bearish, normal and bullish markets, respectively. ß4 and ß5 are the coefficients
of the dummy variables. Bold values indicate statistical significance at the 1%, 5% and 10% levels.

Currency Variable OLS Bearish Market Normal Market Bullish Market

Q0.1 Q0.2 Q0.3 Q0.4 Q0.5 Q0.6 Q0.7 Q0.8 Q0.9

CFA Constant −0.01 −0.73 −0.43 −0.24 −0.10 0.00 0.10 0.23 0.41 0.72
OIL 0.01 0.01 0.01 0.01 0.01 0.00 0.01 0.01 0.01 0.01
OVX −0.01 −0.01 −0.01 −0.01 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00

ß4 −0.00 −0.41 −0.27 −0.16 −0.10 −0.04 0.05 0.17 0.23 0.29
ß5 0.04 0.17 0.13 0.07 0.07 0.01 −0.01 0.03 −0.00 −0.05

GHS Constant −0.05 −0.75 −0.34 −0.16 −0.06 0.00 0.00 0.09 0.24 0.59
OIL 0.00 0.00 −0.00 0.00 0.00 0.00 0.00 0.00 0.00 −0.00
OVX −0.01 −0.01 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00 −0.01

ß4 −0.06 −0.01 −0.01 0.01 −0.01 −0.02 0.00 −0.08 −0.19 −0.31
ß5 0.04 0.22 0.07 0.05 0.05 0.00 0.00 0.01 0.00 −0.02

OUG Constant −0.00 −0.62 −0.30 −0.15 −0.02 0.00 0.03 0.16 0.32 0.59
OIL 0.01 0.01 0.01 0.00 0.00 0.00 0.00 0.00 0.00 0.01
OVX 0.00 −0.00 0.00 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00 0.00

ß4 −0.03 −0.39 −0.12 −0.02 0.02 0.00 −0.03 0.02 0.06 0.26
ß5 −0.03 −0.05 −0.05 −0.02 −0.10 0.00 −0.03 −0.11 −0.07 0.05

NGN Constant −0.02 −0.33 −0.13 −0.04 −0.01 0.00 −0.00 0.03 0.10 0.28
OIL 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.01
OVX 0.00 0.00 0.00 0.00 0.00 −0.00 −0.00 −0.00 −0.00 −0.00

ß4 −0.03 −0.04 0.03 0.01 0.00 0.00 0.00 −0.00 −0.04 0.02
ß5 −0.06 0.33 0.13 0.04 0.01 0.00 −0.00 −0.03 −0.10 −0.28

WAN Constant −0.05 −0.30 −0.06 −0.00 0.00 −0.00 0.00 0.00 0.01 0.18
OIL 0.00 −0.01 −0.00 −0.00 −0.00 0.00 0.00 0.00 0.00 0.00
OVX 0.00 0.00 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00

ß4 0.04 0.20 0.03 0.00 0.00 0.00 0.00 0.00 −0.00 −0.09
ß5 −0.07 −0.61 −0.60 −0.23 −0.03 0.00 0.00 0.02 0.13 0.34

Moreover, studies argue that the co-movement between exchange and oil prices is
stronger during crisis (Malik and Umar 2019; Czech and Niftiyev 2021). However, the
dummy variable for structural break in Table 6 (column 3), capturing the impact of global
financial crisis and the COVID-19 pandemic on the relationship between the variables, is
only significant in Angola.

4.3.2. QR model Estimation
Net Oil Importers

In Table 6 (column 3), OLS regression examines only the average effects of independent
variables on dependent variables based on the conditional mean of the dependent variable
(Nusair and Olson 2019). Similarly, the OLS regression is valid for samples with normal
distributions but less valid for samples with large amount of discrepant data (Koenker
and Bassett 1978). As mentioned earlier, analysing several quantiles using the QR analysis
provides more details on the relationship between the variables under different market
conditions compared to the OLS (Tsai 2012). Thus, the impact of oil price and OVX changes
on exchange rate returns may vary throughout the distribution of the exchange rate returns
in view of different market conditions, hence we applied the QR analysis in Equation (4)
as reported in Table 6 (column 4–12). In Table 6 (column 4–12) the result for Cote d’Ivoire
shows that OVX changes have a significant negative effect on the exchange rate at the
lower quantile, while the effect of oil prices is insignificant. This implies that an increase in
OVX will cause the CFA franc to depreciate against the USD when the market is bearish.
Indeed, given that Cote d’Ivoire employs a pegged exchange rate regime, one would expect
that OVX changes have weak or no significant impact on exchange rate. However, this
finding seems to suggest that OVX changes play a significant part in the depreciation of the
currency in Cote d’Ivoire at all quantiles. This may be largely due to the forward-looking
measure of the OVX changes.
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The result for Ghana suggests that OVX changes have a significant negative effect on
the exchange rate returns at lower quantile, while the effect of oil prices on exchange rate
is not significant. This implies that, when the market is bearish, changes in OVX leads to
the depreciation of the Ghanaian Cedis. Zankawah and Stewart (2020) found a statistically
significant relationship between oil price and exchange rate in Ghana using monthly data
from 1991–2015, which is contrary to our findings.

The results for Mauritania suggest that oil price changes positively impact the ex-
change rate at higher quantile (0.8,0.9) with no significant effect at the other quantiles.
This suggests that oil price shocks cause the Mauritanian Ougyiya to appreciate when the
market is bullish. This is the first study to investigate the impact of oil risk on exchange
rates in Mauritania. Therefore, empirical work for comparative analysis for Mauritania is
limited. Moreover, the appreciation of the local currency against the dollar following an
increase in oil prices was unexpected. This is because empirical evidence on oil importing
countries shows that rising oil prices leads to currency depreciation through the terms of
trade effect (Nusair and Olson 2019). A plausible reason for Mauritania could be its small
population and less dependency on oil.

In summary, for the oil importing countries we found significant responses of exchange
rate to oil prices only in Mauritania. Whereas OVX changes have a negatively significant
effect on exchange rate for all countries mostly at the lower quantile.

Net Oil Exporters

Focusing on Nigeria, the result shows that neither oil price nor OVX changes have a
statistically significant effect on the Nigerian Naira which is contrary to theory. A plausible
reason could be the adoption of a less flexible exchange rate regime in Nigeria. Lv et al.
(2018) posits that exchange rate restrictions could distort the relationship between exchange
rate and oil prices. An alternative explanation could be the heavy subsidised petroleum
products in Nigeria. As a result, changes in oil risk shocks are not transmitted into domestic
petroleum prices which may cause no corresponding variations in earnings or investments,
hence no changes in the Nigerian Naira (Iwayemi and Fowowe 2011).13

Similar to Nigeria, changes in oil prices have no effect on the exchange rate in Angola.
However, OVX changes are significant and lead to changes in the Angolan Kwanza. Specif-
ically, changes in OVX have a negative effect on exchange rate returns at both lower and
higher quantiles. Thus, in extreme market conditions (bearish and bullish), OVX changes
cause the Angola Kwanza to depreciate. This could be due to the high dependence on
oil revenue, as oil exports are the main source of foreign exchange in Angola (Hammond
2011).

The insignificant effect of oil prices on exchange rate for the two oil exporting countries
is contrary to the positive effect of oil prices on exchange rate based on the ‘terms of trade
effect’ and the ‘wealth effect’. Our finding is contrary to Salisu and Mobolaji (2013) and
Ghosh (2011). These authors found that changes in oil prices cause the local currency to
appreciate.

Figure 2 broadens the understanding on the relationship between the variables and
shows the estimated coefficients used to capture the effect of oil risk changes on the
exchange rate returns under different quantiles. Figure 2 graphically depicts the QR
coefficients estimation over the conditional distribution. Moving along the conditional dis-
tribution, the QR estimates vary in magnitude, direction, and significance. The significance
of the coefficients estimated for all five countries are mostly observed when exchange rates
are extremely high or low with no significant effect during normal times as indicated in
Table 6.
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Table 7 reports the quantile slope equality test which examines if the estimated coef-
ficients/slope parameters of oil prices and OVX changes are significantly different. The
null hypothesis of this test is that the coefficients have the same slope across the various
quantiles. In Table 7, we compare each slope parameter against another across the quantiles
such as Q0.1 = Q0.2 . . . , etc. and also show whether the lower quantile has equal slope with
the median (Q0.1 = Q0.5), likewise the median against the higher quantile (Q0.5 = Q0.9). The
results from the table suggest that the null hypothesis of slope equality is rejected across
the quantiles for most currencies. This implies that the response of exchange rate changes
to oil price and OVX changes at different quantiles are not constant but heterogeneous.
This result further confirms the result in Table 6.

Table 7. Quantile slope equality test. The table shows the p-values for quantile equality slope
test. Bold p-value indicates the rejection of the null hypothesis of equality at the 1%, 5% and 10%
significance levels. ß4 and ß5 is the coefficient of the dummy variable.

Currency Variable Q0.1 =
Q0.2

Q0.2 =
Q0.3

Q0.3 =
Q0.4

Q0.4 =
Q0.5

Q0.5 =
Q0.6

Q0.6 =
Q0.7

Q0.7 =
Q0.8

Q0.8 =
Q0.9

Q0.1 =
Q0.5

Q0.5 =
Q0.9

CFA OIL 0.41 0.54 0.87 0.14 0.22 0.93 0.52 0.45 0.49 0.57
OVX 0.40 0.17 0.28 0.29 0.61 0.38 0.30 0.67 0.02 0.69

ß4 0.02 0.00 0.06 0.06 0.00 0.00 0.18 0.29 0.00 0.00
ß5 0.67 0.06 0.62 0.00 0.35 0.25 0.43 0.35 0.10 0.36

GHS OIL 0.00 0.00 0.00 0.23 0.01 0.04 0.07 0.00 0.26 0.93
OVX 0.00 0.00 0.00 0.01 0.38 0.01 0.01 0.00 0.00 0.04

ß4 0.03 0.00 0.00 0.29 0.01 0.00 0.00 0.22 0.99 0.00
ß5 0.78 0.00 0.00 0.00 0.10 0.07 0.00 0.00 0.02 0.86

OUG OIL 0.00 0.09 0.74 0.08 0.00 0.49 0.23 0.04 0.22 0.00
OVX 0.00 0.00 0.00 0.23 0.05 0.00 0.00 0.00 0.45 0.38

ß4 0.00 0.00 0.00 0.40 0.73 0.19 0.73 0.47 0.00 0.01
ß5 0.00 0.00 0.00 0.00 0.00 0.00 0.03 0.26 0.56 0.60

NGN OIL 0.02 0.00 0.54 0.00 0.00 0.00 0.00 0.00 1.00 1.00
OVX 0.00 0.00 0.29 0.00 0.00 0.58 0.00 0.00 1.00 1.00

ß4 0.00 0.00 0.31 0.00 0.00 0.20 0.00 0.75 0.66 0.83
ß5 0.00 0.27 0.00 0.00 0.00 0.26 0.00 0.00 0.00 0.00

WAN OIL 0.73 0.01 0.90 0.00 0.00 0.02 0.00 0.76 0.32 0.85
OVX 0.00 0.00 0.06 0.03 0.00 0.00 0.46 0.02 0.84 0.00

ß4 0.00 0.00 0.00 0.00 0.03 0.01 0.00 0.00 0.00 0.00
ß5 0.00 0.00 0.24 0.00 0.00 0.00 0.00 0.00 0.00 0.00

4.3.3. Asymmetric Impacts of Oil Risk Changes on Exchange Rate under Different Market
Conditions

An assessment to determine if the relationship between the variables is asymmetric
is presented in Table 8. This will further the understanding of the effect of oil price and
OVX changes on exchange rate return. For example, various studies such as You et al.
(2017) and Xiao et al. (2018) advocate for asymmetric effect of oil prices changes. Reboredo
(2012) also suggests asymmetric adjustment between oil market and the exchange rate
market. Thus, we allow for asymmetry in the relationship between oil risk variables and
exchange rate as this is guided by extant literature on asymmetry (You et al. 2017). Notably
in Table 6 (column 4–12), the response of exchange rate to changes in oil risk factors varies
in magnitude and significance. To test for evidence of asymmetry in the relationship
between oil risk variables and exchange rate return in Africa, we differentiate between
positive/negative oil price changes and positive/negative OVX changes and examine their
impact on the exchange rate returns. In this study, positive oil price changes (oil+) and
positive OVX changes (OVX+) denote increase/rise in oil price and increase in oil price
uncertainty while negative oil price changes (oil−) and negative OVX changes (OVX−)
denote decrease/fall in oil price and oil price uncertainty respectively.

Net Oil Importers

Using the quantile regression to ascertain the effect of Oil+/−, OVX+/− on the
exchange rate under different market conditions, we turn to the result in Table 8 (column



Economies 2022, 10, 272 19 of 29

4–12). The results for Cote d’Ivoire and Mauritania are similar, in that Oil+ and Oil− has
a significant negative impact on the exchange rate only at lower quantile. This suggests
that at lower quantiles where there is large depreciation of their local currency against
the dollar, rising oil prices cause the CFA franc and Mauritanian Ougyiya to depreciate.
This is consistent with “destabilizing speculative behaviour” mentioned in Nusair and
Olson (2019, p. 55). While rising oil price may warrant destabilizing speculation in the
foreign exchange market, falling oil price causes the CFA franc and Mauritanian Ougyiya
to appreciate which may bring about stability in the foreign exchange market. The result
for Ghana however, indicates that rising oil prices cause the Ghanaian Cedis to depreciate
only at higher quantile when the market is bullish while falling oil price appreciates the
Ghanaian currency only at a lower quantile when the market is bearish. Likewise, OVX+
and OVX− have a negative effect on the exchange rate for all net importing countries at
lower quantile when the market is bearish. This implies that rising (falling) OVX changes
causes the local currency to depreciate (appreciate). This finding seems to be consistent
with the term of trade argument for net oil importing countries.

Net Oil Exporters

Turning to the oil exporting countries, the result for Nigeria indicates that Oil+ and
Oil− have a negative effect on the exchange rate at a lower quantile when the market is
bearish. This result suggests that rising (falling) oil price causes the Nigerian Naira to
depreciate (appreciate) which is contrary to the wealth effect argument that rising oil price
appreciates the currency. However, the result is not meaningful statistically. In contrast,
Iwayemi and Fowowe (2011) show that positive oil shocks have no effect on the Naira.

Our analysis for Angola, however, shows that Oil+ has no significant effect on the
exchange rate. This is quite surprising; however, a possible explanation could be found in
the less diversified economic structure and heavy reliance on imports in Angola (Lariau et al.
2016). Although, Oil− has a positive effect on the Angolan Kwanza, it is not statistically
meaningful. OVX+ has a negative effect on the exchange rate at lower quantile when
the market is bearish. Thus, rising OVX changes cause the local currency to depreciate.
This finding confirms the argument that higher oil price uncertainty tends to decrease real
economic activity. For instance, Elder and Serletis (2010), mention that a rising OVX may
portray uncertainty which may lead to a fall in real economic activity through different
factors such as current investment and unemployment rates (Kocaarslan et al. 2020), thereby
depressing corporate earnings and income and hence exchange rate returns.

For all countries under study, a similar pattern is observed. The exchange rate responds
to oil price changes for oil importing countries, whereas a weak to non-significant effect
is observed for the oil exporting countries, while OVX changes have negative effect on
the exchange rate for all countries. Moreover, the exchange rate responds to Oil and OVX
shocks mostly at the lower quantile.

The Wald test results in Table 8 show a rejection of the null hypothesis at most quantiles
for all countries. This shows that oil risk has an asymmetric effect on the exchange rate
in all countries. The coefficient estimates are observed to be heterogeneous throughout
the distribution of exchange rate returns and its effect varies in magnitude, direction and
significance. In addition, the quantile slope equality test, which examines whether the
coefficients are heterogeneous across quantiles, indicates that the null hypothesis of quantile
slope equality can be rejected at most quantiles for all countries, as shown in Table 9. The
results, therefore, indicate that estimated coefficients are statistically heterogeneous across
quantiles, providing further support to our findings.
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Table 8. OLS and quantile model asymmetric estimation results. The table shows the OLS and
quantile model estimation results. We chose nine quantiles (τ = 0.10, 0.20, 0.30, . . . , 0.90 ) and
divided them into three regimes: low (τ = 0.10, 0.20, 0.30), medium (τ = 0.40, 0.50, 0.60) and
high (τ = 0.70, 0.80, 0.90), corresponding to bearish, normal and bullish markets, respectively.
ß11 = ß12 and ß21 = ß22 are the null hypotheses of the Wald test. ß11 and ß12 are the coefficients of
OIL+ and OIL−. ß21 and ß22 are the coefficients of OVX+ and OVX−. Bold values indicate statistical
significance at the 1%, 5% and 10% levels.

Currency Variable OLS Bearish Market Normal Market Bullish Market

Q0.1 Q0.2 Q0.3 Q0.4 Q0.5 Q0.6 Q0.7 Q0.8 Q0.9

CFA Constant 0.03 −0.72 −0.43 −0.23 −0.08 0.01 0.142 0.25 0.47 0.77
OIL+ −0.06 0.00 −0.12 −0.14 −0.11 −0.03 0.00 0.02 −0.03 −0.14
OIL− −0.08 0.03 −0.13 −0.15 −0.12 −0.05 −0.03 −0.03 −0.11 −0.25
OVX+ −0.10 −0.50 −0.39 −0.29 −0.16 −0.03 0.04 0.11 0.13 0.22
OVX− −0.09 −0.51 −0.39 −0.28 −0.15 −0.02 0.06 0.14 0.18 0.28

H0: ß11 = ß12 1.39 −0.99 0.34 0.32 0.47 0.84 2.32 2.71 4.19 3.50
H0: ß21 = ß22 −1.48 1.25 −0.07 −0.10 −0.40 −0.87 −2.57 −2.92 −4.51 −3.80

GHS Constant −0.01 −0.98 −0.43 −0.23 −0.09 −0.00 0.03 0.20 0.37 0.93
OIL+ −0.09 0.06 0.03 0.03 0.02 −0.00 −0.03 −0.12 −0.18 −0.34
OIL− −0.12 −0.42 −0.21 −0.09 −0.02 −0.00 −0.03 −0.07 −0.04 0.04
OVX+ −0.10 −0.31 −0.28 −0.16 −0.08 −0.00 0.01 0.02 0.05 −0.00
OVX- −0.09 −0.08 −0.16 −0.11 −0.06 −0.00 0.01 −0.01 −0.02 −0.18

H0: ß11 = ß12 1.63 16.08 11.28 7.90 4.44 0.00 −1.18 −4.98 −7.46 −11.23
H0: ß21 = ß22 −1.72 −16.73 −11.84 −8.26 −4.44 0.00 1.09 4.84 7.58 11.42

OUG Constant 0.04 −0.39 −0.14 −0.07 −0.00 0.00 0.08 0.14 0.25 0.37
OIL+ −0.04 −0.29 −0.17 −0.08 −0.01 −0.00 0.01 0.02 0.03 0.22
OIL− −0.06 −0.20 −0.13 −0.07 −0.03 −0.00 −0.04 −0.03 −0.08 0.08
OVX+ −0.09 −0.35 −0.21 −0.10 −0.06 −0.00 −0.02 −0.02 0.02 0.20
OVX− −0.08 −0.40 −0.23 −0.11 −0.05 −0.00 0.01 0.01 0.07 0.26

H0: ß11 = ß12 1.32 −3.48 −2.45 −0.93 2.23 0.00 4.91 3.43 5.16 6.25
H0: ß21 = ß22 −1.46 3.36 2.29 0.79 −2.46 0.00 −5.08 −3.48 −5.28 −6.11

NGN Constant −0.02 −0.63 −0.23 −0.10 −0.03 0.00 0.02 0.08 0.20 0.50
OIL+ 0.04 0.155 −0.05 −0.04 −0.02 −0.00 0.01 0.03 0.03 −0.05
OIL− 0.02 0.14 −0.04 −0.03 −0.01 −0.00 0.01 0.02 0.02 −0.05
OVX+ −0.13 −0.10 −0.04 −0.03 −0.01 −0.00 0.00 0.01 0.01 0.01
OVX- −0.12 −0.11 −0.05 −0.34 −0.02 −0.00 0.01 0.02 0.02 0.02

H0: ß11 = ß12 0.85 0.76 −1.98 −3.16 −2.04 0.00 1.73 4.28 3.42 0.56
H0: ß21 = ß22 −0.84 0.42 3.52 4.34 2.41 0.00 −2.00 −5.48 −5.11 −1.75

WAN Constant −0.11 −0.05 −0.01 −0.00 −0.00 0.00 0.00 0.00 0.00 0.02
OIL+ 0.14 0.04 0.03 −0.00 −0.00 −0.00 −0.00 −0.00 −0.00 0.01
OIL− 0.11 0.10 0.02 −0.01 −0.00 −0.00 −0.00 −0.00 −0.00 0.07
OVX+ 0.05 −0.04 −0.02 −0.01 0.00 0.00 0.00 0.00 0.02 0.06
OVX- 0.06 −0.06 −0.01 −0.01 0.00 0.00 0.00 0.00 0.02 0.10

H0: ß11 = ß12 1.59 −2.96 8.17 4.45 1.51 0.00 0.00 −1.33 0.24 7.55
H0: ß21 = ß22 −1.48 2.15 −9.05 −4.19 −1.49 0.00 0.00 1.73 0.10 −7.05

Table 9. Quantile slope equality test (Asymmetric model). The table shows the p-values for quantile
equality slope test. Bold p-values indicate the rejection of the null hypothesis of equality at the 1%,
5% and 10% significance levels.

Currency Variable Q0.1 =
Q0.2

Q0.2 =
Q0.3

Q0.3 =
Q0.4

Q0.4 =
Q0.5

Q0.5 =
Q0.6

Q0.6 =
Q0.7

Q0.7 =
Q0.8

Q0.8 =
Q0.9

Q0.1 =
Q0.5

Q0.5 =
Q0.9

CFA OIL+ 0.02 0.55 0.34 0.00 0.13 0.46 0.23 0.11 0.62 0.22
OIL− 0.01 0.61 0.41 0.00 0.61 0.97 0.09 0.08 0.31 0.04
OVX+ 0.04 0.01 0.00 0.00 0.00 0.05 0.46 0.23 0.00 0.00
OVX− 0.01 0.01 0.00 0.00 0.00 0.01 0.25 0.16 0.00 0.00

GHS OIL+ 0.53 0.90 0.51 0.23 0.00 0.00 0.09 0.00 0.38 0.00
OIL− 0.00 0.00 0.00 0.14 0.00 0.00 0.36 0.20 0.00 0.60
OVX+ 0.66 0.00 0.00 0.00 0.38 0.69 0.43 0.54 0.00 0.97
OVX− 0.21 0.14 0.06 0.00 0.53 0.41 0.80 0.04 0.35 0.07

OUG OIL+ 0.07 0.00 0.00 0.24 0.63 0.43 0.90 0.00 0.00 0.01
OIL− 0.40 0.09 0.08 0.02 0.00 0.73 0.30 0.03 0.03 0.38
OVX+ 0.01 0.00 0.02 0.00 0.22 0.89 0.24 0.01 0.00 0.03
OVX− 0.00 0.00 0.00 0.00 0.66 0.99 0.05 0.00 0.00 0.00

NGN OIL+ 0.00 0.21 0.00 0.00 0.00 0.00 0.72 0.08 0.01 0.33
OIL− 0.00 0.18 0.00 0.00 0.00 0.01 0.96 0.05 0.00 0.16
OVX+ 0.10 0.12 0.00 0.00 0.05 0.00 0.67 0.91 0.01 0.76
OVX− 0.11 0.08 0.00 0.00 0.01 0.00 0.89 0.96 0.00 0.45

WAN OIL+ 0.83 0.00 0.04 0.63 1.00 0.11 0.96 0.00 0.39 0.00
OIL− 0.12 0.00 0.00 0.52 1.00 0.63 0.85 0.00 0.05 0.02
OVX+ 0.55 0.04 0.00 0.70 1.00 0.38 0.00 0.17 0.19 0.04
OIL− 0.17 0.30 0.01 0.38 1.00 0.63 0.00 0.00 0.07 0.00
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4.3.4. Summary of Estimation Results

Overall, exchange rate returns respond asymmetrically to changes in oil risk factors
(OIL/OVX) for most countries under study. An acceptable cause for the significant sen-
sitivity to both shocks could be the over dependence on oil and its revenue for these
countries.

By separating the oil exporting from the oil importing countries, we found that oil price
is a significant factor in the exchange rate of the oil importing countries over the examined
oil exporting countries. Moreover, currency depreciation (appreciation) caused by rising
(falling) oil prices for oil importing countries has been confirmed, whereas the oil–exchange
rate relationship for the oil exporting countries has not been supported. Regardless of the
status of a country as net oil exporter or importer, a rise (fall) in OVX causes the domestic
currency to depreciate (appreciate). Whereas the impact of oil prices on exchange rate
varies. Falling oil prices have a greater impact on the exchange rate than rising oil prices.
Alternatively, a rising OVX has a greater impact on exchange rate relative to a falling OVX.

The findings of this study further indicate that there is significant response of exchange
rates towards oil risk changes mostly at the lower quantile when the market is bearish.
Further, at the higher quantile when the market is bullish, we observe weak-to-no significant
response of exchange rate to oil risk changes. The less significant effect on exchange
rate when the market is bullish can be interpreted to include two conclusions. First,
during bullish market conditions, which can be interpreted as a booming economy, there
is a reflection of better economic conditions which reduces the uncertainty to commit to
resources and thus, leads to increase in investment (Lee and Zeng 2011). Second, several
studies such as You et al. (2017), have pointed out that in a booming economy, firms and
individual investors have more confidence in the economy and this tends to decrease the
adverse effect from oil risk shocks. Thus, the impact of rising/falling oil risk changes on
exchange rate returns in the countries in our study is stronger when the market is bearish
than when the market is bullish. This result seems consistent with the “stylised fact”,
investors are less sensitive when the market is bullish compared with the market when it is
bearish.

4.4. Robustness Checks: Markov Regime Switching Model

Empirical evidence shows that macroeconomic variables behave in a non-linear man-
ner (Switzer and Picard 2016), if this is the case the findings based on the quantile regression
might not present the whole picture. To deal with this issue, we examined the robustness
of our findings by considering an alternative method.

This is important as it allows us to confirm the results and the suitability of the
model already employed. To confirm the robustness of our results, we used the Markov
regime switching model. The model allowed us to examine the non-linear and asymmetric
dependence between the exchange rates and oil prices in different regimes.

Further, an important result of our estimation in Section 4.3.2 is that the exchange
rate responds significantly to oil prices for oil importing countries (Cote d’Ivoire, Ghana
and Mauritania) whereas a weak to non-significant effect is observed for the oil exporting
countries (Nigeria and Angola), while OVX changes have a negative effect on the exchange
rates for all countries. Moreover, the exchange rate responds to oil price and OVX shocks
mostly at the lower quantile.

In order to check for robustness of QR results, we investigated the effect of oil prices
and OVX on the exchange rate using the Markov regime switching model, and thus we
could infer whether the co-movement between the variables is regime specific.

With regards to oil importing countries, the model shows that Oil− has a significant
negative effect on the exchange rate for Ghana and Mauritius as observed in the previous
results. We further observed a non-significant effect of oil prices on exchange rate for
the oil exporting countries (Angola and Nigeria) as shown in Table 10 A,B. This further
confirms our earlier results that the effect of oil prices has weak to no significant effect on
the exchange rate for the oil exporting countries investigated.
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Table 10. (A) Estimation results using Markov switching model (bear market). (B) Estimation
results using Markov switching model (bull market). Σ refers to the standard deviation of each state.
Standard errors are shown in parenthesis. The transition probabilities are reported as P11 and P22.
Bold value indicates statistical significance at the 1%, 5% and 10% levels.

Bear Market

Intercept OIL+ OIL− OVX+ OVX− Σ P11 P22

Cote d’Ivoire FX rate 0.04
(0.642)

−0.096
(0.071)

−0.106
(0.077)

−0.120
(0.075)

−0.115
(0.074) 0.713 0.958 0.961

Ghana FX rate −0.020
(0.111)

−0.222
(0.132)

−0.254
(0.144)

−0.203
(0.128)

−0.188
(0.119) 2.218 0.793 0.880

Mauritania FX rate 0.015
(0.072)

−0.051
(0.094)

−0.080
(0.098)

−0.151
(0.090)

−0.137
(0.087) 0.996 0.815 0.715

Nigeria FX rate 0.502
(0.302)

−0.098
(0.285)

−0.079
(0.296)

−0.703
(0.287)

−0.695
(0.278) 5.732 0.898 0.685

Angola FX rate −0.211
(0.047)

0.291
(0.060)

0.267
(0.062)

0.155
(0.059)

0.165
(0.057) 0.528 0.735 0.628

Bull Market

Intercept OIL+ OIL− OVX+ OVX− Σ P11 P22

Cote divoire FX rate 0.048
(0.026)

0.002
(0.040)

−0.050
(0.041)

−0.013
(0.044)

0.012
(0.041) 0.106 0.958 0.961

Ghana FX rate −0.023
(0.012)

−0.012
(0.017)

−0.028
(0.018)

−0.047
(0.017)

−0.040
(0.034) 0.021 0.793 0.880

Mauritania FX rate 0.045
(0.016)

−0.020
(0.020)

−0.039
(0.022)

−0.044
(0.021)

−0.033
(0.020) 0.028 0.815 0.715

Nigeria FX rate 0.001
(0.004)

−0.007
(0.006)

−0.006
(0.007)

−0.006
(0.007)

−0.006
(0.006) 0.004 0.898 0.685

Angola FX rate −0.000
(0.000)

−0.000
(0.000)

0.000
(0.000)

0.000
(0.000)

0.000
(0.000) 0.000 0.735 0.628

The results on asymmetric effect of OVX on exchange rate are quite similar to the
previous results in that OVX+ and OVX− have a significant negative effect on the exchange
rate for most countries. The only difference is that of Cote d’Ivoire, where positive and
negative OVX do not affect the exchange rate

Moreover, the exchange rate reacts differently to oil price and OVX when the exchange
rate market is bearish than when it is bullish which confirms that the relationship is
dependent on market conditions as obtained in the previous results. Thus, the co-movement
between exchange rate and oil price and OVX in SSA is dependent on market conditions
and more prevalent when the market is bearish than when it is bullish.

In all, when compared with our QR results, the direction of relationship and signifi-
cance are largely the same, confirming that the impact of oil risk shocks on exchange rate is
asymmetric and depends on market conditions. We show that the dependence is negative
and more pronounced when the market is bearish. Thus, we conclude that our findings are
robust to the chosen model.

5. Conclusions

This study investigated the response of exchange rate to oil risk changes in oil ex-
porting and oil importing countries in Africa. We approached the investigation differently
from previous studies by, firstly, focusing on the joint impact of both oil price and oil price
uncertainty changes on exchange rate. We used OVX as a measure of oil price uncertainty
thereby, providing a new perspective and possibly new explanation to the oil–exchange
rate nexus in developing countries in Africa. This is because the failure to account for
oil price uncertainty in the oil–exchange rate nexus may produce biased estimates (see
Kocaarslan et al. 2020).
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Secondly, we used the quantile regression model to investigate the interactions be-
tween the variables to completely observe the relationship which will otherwise not be
observed using the ordinary least squares (OLS); as OLS only provides mean dependency
relationship. We further investigated the asymmetric effects of oil risk shocks on exchange
rate under different market conditions. We did not use the OLS to draw any policy recom-
mendation because the usefulness of the estimated results is limited and may be biased.
We also used Markov regime switching models to test for robustness.

The results of our investigation show the following: first, there is significant evidence
that oil price and OVX have asymmetric effects on the exchange rate in the countries
studied. A fall in oil price has a greater impact on exchange rate than an increase in oil price.
Conversely, rising OVX changes have a greater impact on exchange rate relative to falling
OVX. Thus, the fall in oil price and the rise in OVX play a dominant role in influencing
the exchange rate returns in the countries under study. Second, we demonstrate that
these effects are heterogeneous, that is, they vary in terms of magnitude and significance
throughout the distribution of the exchange rate return.

Third, the results reveal that an exchange rate responds to changes in oil price and
OVX generally at the lower quantile, when the market is bearish, which verifies the ‘stylistic
argument’. We may, therefore, infer that the effect of oil price and OVX on exchange rate
depends on market conditions (state of the currency market). We show that a fall in oil
price causes the domestic currency to appreciate. Similarly, a rise in oil price causes the
domestic currency to depreciate. For the oil importing countries in this study, this finding
is consistent with theory. However, for the oil exporting countries, the findings contradict
the terms of trade and the wealth effect argument. The OVX–exchange rate nexus is
independent of the net oil exporter/importer status whereas the oil price–exchange rate
nexus depends on the net oil importer/exporter status

5.1. The ‘Big Picture’ in the Exchange Rate–Oil Nexus and Implications for the Countries
Concerned

Results from this study provide significant policy implications. Specifically, a fall in the
price of oil and a rise in oil price uncertainty (volatility) play a dominant role in influencing
the exchange rate returns in these countries. Policymakers, therefore, need to consider both
oil price and uncertainty when developing policies to reduce the excessive fluctuations
in their exchange rate. These countries may take measures that reduce uncertainty and
high dependency on oil in order to bring about desirable effects in their foreign exchange
market. For example, oil importing countries may take measures to reduce oil consumption
through increasing fossil fuel consumption taxes or promote alternative sources of energy.
Meanwhile, oil exporting countries may reduce subsidies on fossil fuels in order to reduce
consumption. Fossil fuel subsidies have a negative macro-economic impact (Keith et al.
2015). Omotosho (2019) has pointed out that energy subsidies reduce investment due to
excessive domestic demand which limits the amount of oil available for exports, thereby
decreasing foreign exchange needed for investment (especially USD) since most payments
are made in USD. Thus, a reduction in consumption may reduce the effect of oil market
shocks on the exchange rate.

There are strong indications from our results that the impact of oil risk shocks on
exchange rates is stronger when the market is bearish than when the market is normal or
bullish. Consequently, while making policy decisions, these countries should be mindful of
the impact on exchange rates from oil risk shocks, especially when the market is bearish,
and take extra precautions against potential spillovers as well as risk transmission between
the oil market and the exchange rate market. Further, these countries need to show interest
in hedging and diversification of their investments in crude oil future markets, mostly
during major economic events, as these may offer a significant opportunity to reduce the
impact of oil risk shocks on the currency. In addition to making investment decisions,
investors should be mindful of the spillover effect when the market is bearish.
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Given the continuous discovery of oil in African countries and frequent crises hitting
the oil market, our findings are timely and offer further useful insight for investment
decisions and risk management in these countries.

To abstract from the African countries under examination and capture the big picture,
we offer a brief account of the current situation in Europe and the ongoing energy crisis (oil,
natural gas, electricity). The findings of this study are not relevant only for the countries
under examination here. Specifically, the euro and the GBP have dropped in value in
relation to USD (the lowest in nearly 20 years), inflation is increasing at an alarming rate
and industrial production is reducing.14 If energy prices (including oil price and oil price
volatility) have such a pronounced effect on currencies that are used for international
transactions/payments, then the situation will definitively be gloomier for the currencies
examined here. A major lesson to be learned here is that policy makers must take action to
dampen the effects of energy prices on currencies, whether those are used for international
transactions or are less well known (as is the case with the currencies under examination
here)

5.2. Limitations and Future Research

We identify two major limitations in this study, and both relate to data availability. The
first is the lack of data, especially when it comes to base interest rates from the respective
central banks of the countries used in our sample. The second is an overall lack of data
for many countries in the wider region. Our initial intention was to use more than five
countries as our sample for a much longer period, but this is just not possible. Research in
this particular region is stifled by incomplete datasets. We believe that future research in
the oil price–OVX–exchange rate nexus should firstly concentrate on adding more countries
so that results obtained will be applicable to the whole of Africa considering the recent
development and subsequent interest in the area.
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Notes
1 Portfolio diversification is very important considering that assets which were previously considered to be moving in opposite

directions or show little correlation such as Bitcoin, stocks and gold appear to be correlated when economic policy uncertainty
(EPU) is high according to Li et al. (2021).

2 Oil price uncertainty and oil price volatility have been used interchangeably in this study. Since volatility is regarded as a measure
of uncertainty (Wang et al. 2017; Xiao et al. 2018).

3 VIX = Chicago Board Options Exchange (CBOE) Volatility Index, which is the stock market option-based implied volatility of the
US S&P500 index. OVX is a market-determined forecast which is similar to the implied volatility index (VIX) in the stock market.
Both OVX and VIX serves as a gauge of investors fear (Ji and Fan 2016).

4 Increase in oil prices makes oil expensive for the importing country, such that they demand more USD to buy the same quantity
of oil which may lead to depreciation of the local currency (Zhou 1995).

5 Increase in oil prices will increase the supply of dollars in the oil exporting country relative to the local currency, which may lead
to the appreciation of the local currency (Lizardo and Mollick 2010).

6 Oil price increases lead to income transfer from oil importers to oil exporters which results in reallocation of wealth to a new
portfolio equilibrium requiring exchange rate to adjust accordingly (Lv et al. 2018). See Amano and Van Norden (1998), Kilian
(2008) for further discussion of the on the theoretical channels.

7 See Su et al. (2016) for details on ‘central bank intervention effect and export selection effect’.
8 We restrict our countries to the following criteria (a) Sub-Sahara African countries, (b) in the top 20 oil producing countries in

Africa (African Vault 2015), (c) trade partners in crude oil with the USA (EIA 2020).
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9 To test for multicollinearity, we ran a variance inflation factor test (VIF). The result indicates no multicollinearity. We do not show
the VIF results.

10 The frequency of our current data is daily, and this allowed us to capture the effects of volatility and price changes on the exchange
rate. Macro data are always available at a monthly/quarterly basis. For example, industrial production or money supply are
available quarterly. Including those variables requires changing the frequency of the whole study, which makes it impossible to
use oil prices or OVX. Volatility occurs in short term clusters. On a quarterly basis, observing any volatility is unlikely (OVX is
obsolete) which negates the core concept of this article. The central bank base rate for each of the counties under investigation is a
good option but difficult to obtain. In addition, the central bank base rate changes infrequently so, econometrically speaking, the
base rate would be a ‘constant value’ adding nothing to the regressions (based on daily observations) in this study since it would
be repeating itself. From an econometrics point of view a ‘non-varying’ variable would introduce a number of undesirable issues.
There is no such thing as LIBOR available for the countries under examination.

11 The ADF and PP test the null hypothesis of unit root in the data series against the alternative, while the KPSS tests the null
hypothesis of stationarity in the data series against the alternative.

12 A plausible reason could be because Angola has a less diversified economic structure and the economy is mainly driven by oil
revenue (see Eagle 2017).

13 This paper examines the impact of oil price shocks on the Nigerian economy by examining the following variables: real GDP,
government expenditure, inflation, real exchange rate and net exports.

14 (https://www.euronews.com/my-europe/2022/08/23/europes-energy-crisis-haunts-the-euro-as-it-tumbles-to-20-year-low-a
gainst-the-dollar) (accessed on 27 September 2022). https://markets.businessinsider.com/news/currencies/dollar-dominance-e
uro-energy-crisis-parity-currencies-investing-analysis-citi-2022-8 (accessed on 27 September 2022).

References
Adeniyi, Oluwatosin Ademola, Olusegun Omisakin, Jameelah Yaqub, and Abimbola Oyinlola. 2012. Oil price-exchange rate nexus in

Nigeria: Further evidence from an oil exporting economy. International Journal of Humanities and Social Science (Special Issue) 2:
1–14.

AFDP. 2019. African Development Bank: African Economic Outlook. Available online: https://www.afdb.org/fileadmin/uploads/afd
b/Documents/Publications/African_Economic_0utlook_2019_-_EN.Pdf (accessed on 2 May 2020).

African Vault. 2015. Top 20 Oil Producing Countries in Africa. Africanvault. Available online: https://africanvault.com/oil-producing
-countries-in-africa/ (accessed on 6 June 2019).

Ahmad, Ahmad Hassan, and Ricardo Moran Hernandez. 2013. Asymmetric adjustment between oil prices and exchange rates:
Empirical evidence from major oil producers and consumers. Journal of International Financial Markets, Institutions and Money 27:
306–17. [CrossRef]

Akram, Farooq. 2004. Oil prices and exchange rates: Norwegian evidence. The Econometrics Journal 7: 476–504. [CrossRef]
Allegret, Jean-Pierre, Cécile Couharde, Dramane Coulibaly, and Valérie Mignon. 2014. Current accounts and oil price fluctuations in oil

exporting countries: The role of financial development. Journal of International Money and Finance 47: 185–201. [CrossRef]
Aloui, Riadh, Mohamed Safouane Ben Aïssa, and Duc Khuong Nguyen. 2013. Conditional dependence structure between oil prices

and exchange rates: A copula-GARCH approach. Journal of International Money and Finance 32: 719–38. [CrossRef]
Amano, Robert A., and Simon Van Norden. 1998. Exchange rates and oil prices. Review of International Economics 6: 683–94. [CrossRef]
Atems, Bebonchu, Devin Kapper, and Eddery Lam. 2015. Do exchange rates respond asymmetrically to shocks in the crude oil market?

Energy Economics 49: 227–38. [CrossRef]
Bai, Jushan, and Pierre Perron. 1998. Estimating and testing linear models with multiple structural changes. Econometrica 66: 47–78.

[CrossRef]
Bai, Jushan, and Pierre Perron. 2003. Critical values for multiple structural change tests. The Journal 6: 72–78. [CrossRef]
Bala, Umar, and Lee Chin. 2018. Asymmetric impacts of oil price on inflation: An empirical study of African OPEC member countries.

Energies 11: 3017. [CrossRef]
Balke, Nathan S., Stephen P. A. Brown, and Mine K. Yucel. 2002. Oil price shocks and the US economy: Where does the asymmetry

originate? The Energy Journal 23: 3. [CrossRef]
Basher, Syed Abul, and Perry Sadorsky. 2016. Hedging emerging market stock prices with oil, gold, VIX, and bonds: A comparison

between DCC, ADCC and GO-GARCH. Energy Economics 54: 235–47. [CrossRef]
Baur, Dirk G. 2013. The structure and degree of dependence: A quantile regression approach. Journal of Banking & Finance 37: 786–98.
Beckmann, Joscha, Theo Berger, and Robert Czudaj. 2016. Oil price and FX-rates dependency. Quantitative Finance 16: 477–88.

[CrossRef]
Bernanke, Ben S. 1983. Irreversibility, uncertainty, and cyclical investment. The Quarterly Journal of Economics 98: 85–106. [CrossRef]
Bodenstein, Martin, Christopher Erceg, and Luca Guerrieri. 2011. Oil shocks and external adjustment. Journal of International Economics

83: 168–84. [CrossRef]
Brahmasrene, Tantatape, Jui-Chi Huang, and Yaya Sissoko. 2014. Crude oil prices and exchange rates: Causality, variance decomposition

and impulse response. Energy Economics 44: 407–12. [CrossRef]

https://www.euronews.com/my-europe/2022/08/23/europes-energy-crisis-haunts-the-euro-as-it-tumbles-to-20-year-low-against-the-dollar
https://www.euronews.com/my-europe/2022/08/23/europes-energy-crisis-haunts-the-euro-as-it-tumbles-to-20-year-low-against-the-dollar
https://markets.businessinsider.com/news/currencies/dollar-dominance-euro-energy-crisis-parity-currencies-investing-analysis-citi-2022-8
https://markets.businessinsider.com/news/currencies/dollar-dominance-euro-energy-crisis-parity-currencies-investing-analysis-citi-2022-8
https://www.afdb.org/fileadmin/uploads/afdb/Documents/Publications/African_Economic_0utlook_2019_-_EN.Pdf
https://www.afdb.org/fileadmin/uploads/afdb/Documents/Publications/African_Economic_0utlook_2019_-_EN.Pdf
https://africanvault.com/oil-producing-countries-in-africa/
https://africanvault.com/oil-producing-countries-in-africa/
http://doi.org/10.1016/j.intfin.2013.10.002
http://doi.org/10.1111/j.1368-423X.2004.00140.x
http://doi.org/10.1016/j.jimonfin.2014.06.002
http://doi.org/10.1016/j.jimonfin.2012.06.006
http://doi.org/10.1111/1467-9396.00136
http://doi.org/10.1016/j.eneco.2015.01.027
http://doi.org/10.2307/2998540
http://doi.org/10.1111/1368-423X.00102
http://doi.org/10.3390/en11113017
http://doi.org/10.5547/ISSN0195-6574-EJ-Vol23-No3-2
http://doi.org/10.1016/j.eneco.2015.11.022
http://doi.org/10.1080/14697688.2015.1045930
http://doi.org/10.2307/1885568
http://doi.org/10.1016/j.jinteco.2010.10.006
http://doi.org/10.1016/j.eneco.2014.05.011


Economies 2022, 10, 272 26 of 29

Breen, John David, and Liang Hu. 2021. The predictive content of oil price and volatility: New evidence on exchange rate forecasting.
Journal of International Financial Markets, Institutions and Money 75: 101–454. [CrossRef]

Chang, Ming-Jen, and Che-Yi Su. 2014. The dynamic relationship between exchange rates and macroeconomic fundamentals: Evidence
from Pacific Rim countries. Journal of International Financial Markets, Institutions and Money 30: 220–46. [CrossRef]

Chaudhuri, Kausik, and Betty C. Daniel. 1998. Long-run equilibrium real exchange rates and oil prices. Economics Letters 58: 231–38.
[CrossRef]

Chen, Hangato, Li Liu, Yudong Wang, and Yingming Zhu. 2016. Oil price shocks and US dollar exchange rates. Energy 112: 1036–48.
[CrossRef]

Chen, Shiu-Sheng, and Hung-Chyn Chen. 2007. Oil prices and real exchange rates. Energy economics 29: 390–404. [CrossRef]
Cifarelli, Giulio, and Giovanna Paladino. 2010. Oil price dynamics and speculation: A multivariate financial approach. Energy

Economics 32: 363–72. [CrossRef]
Coleman, Simeon, Juan Carlos Cuestas, and Estefania Mourelle. 2011. Investigating the Oil Price-Exchange Rate Nexus: Evidence from

Africa. Available online: http://eprints.whiterose.ac.uk/43089/ (accessed on 1 December 2019).
Conrad, Daren, and Jaymieon Jagessar. 2018. Real Exchange Rate Misalignment and Economic Growth: The Case of Trinidad and

Tobago. Economies 6: 52. [CrossRef]
Czech, Katarzyna, and Ibrahim Niftiyev. 2021. The impact of oil price shocks on oil-dependent countries’ currencies: The case of

Azerbaijan and Kazakhstan. Journal of Risk and Financial Management 14: 431. [CrossRef]
Danladi, Jonathan D., and Ugochukwu P. Uba. 2016. Does the volatility of exchange rate affect the economic performance of countries

in the West African Monetary zone? A case of Nigeria and Ghana. Journal of Economics, Management and Trade 11: 1–10. [CrossRef]
Devpura, Neluka. 2021. Effect of COVID-19 on the relationship between Euro/USD exchange rate and oil price. MethodsX 8: 101262.

[CrossRef]
Diaz, Elena Maria, Juan Carlos Molero, and Fernando Perez de Gracia. 2016. Oil price volatility and stock returns in the G7 economies.

Energy Economics 54: 417–30. [CrossRef]
Dickey, David A., and Wayne A. Fuller. 1979. Distribution of the estimators for autoregressive time series with a unit root. Journal of the

American Statistical Association 74: 427–31.
Eagle, Beyond. 2017. Oil price volatility and macroeconomy: Tales from top two oil producing economies in Africa. Journal of Economic

& Financial Studies 5: 45–55.
Ebenezer, Olamide, Kanayo Ogujiuba, and Andrew Maredza. 2022. Exchange Rate Volatility, Inflation and Economic Growth in

Developing Countries: Panel Data Approach for SADC. Economies 10: 67.
Edelstein, Paul, and Lutz Kilian. 2009. How sensitive are consumer expenditures to retail energy prices? Journal of Monetary Economics

56: 766–779. [CrossRef]
EIA. 2020. U.S. Energy Information Administration ‘Petroleum and Other Liquids’. Available online: https://www.eia.gov/internatio

nal/data/world (accessed on 7 December 2020).
Elder, John, and Apostolos Serletis. 2010. Oil price uncertainty. Journal of Money, Credit and Banking 42: 1137–59. [CrossRef]
Engemann, Kristie M., Michael T. Owyang, and Howard J. Wall. 2014. Where is an oil shock? Journal of Regional Science 54: 169–85.

[CrossRef]
Evgenidis, Anastasios. 2018. Do all oil price shocks have the same impact? Evidence from the euro area. Finance Research Letters 26:

150–155. [CrossRef]
Ferderer, J. Peter. 1996. Oil price volatility and the macroeconomy. Journal of Macroeconomics 18: 1–26. [CrossRef]
Fraj, Salma Hadj, Mekki Hamdaoui, and Samir Maktouf. 2018. Governance and economic growth: The role of the exchange rate regime.

International Economics 156: 326–64. [CrossRef]
Ghosh, Sajal. 2011. Examining crude oil price–Exchange rate nexus for India during the period of extreme oil price volatility. Applied

Energy 88: 1886–89. [CrossRef]
Giulietti, Monica, Ana Maria Iregui, and Jesús Otero. 2015. A pair-wise analysis of the law of one price: Evidence from the crude oil

market. Economics Letters 129: 39–41. [CrossRef]
Golub, Stephen S. 1983. Oil prices and exchange rates. The Economic Journal 93: 576–93. [CrossRef]
Habib, Maurizio Michael, and Margarita M. Kalamova. 2007. Are There Oil Currencies? The Real Exchange Rate of Oil Exporting

Countries. Available online: https://papers.ssrn.com/sol3/papers.cfm?abstract_id=1032834 (accessed on 10 December 2019).
Hamilton, James D. 1996. This is what happened to the oil price-macroeconomy relationship. Journal of Monetary Economics 38: 215–20.

[CrossRef]
Hamilton, James D. 2003. What is an oil shock? Journal of Econometrics 113: 363–98. [CrossRef]
Hammond, John L. 2011. The resource curse and oil revenues in Angola and Venezuela. Science & Society 75: 348–78.
Hu, Ling. 2006. Dependence patterns across financial markets: A mixed copula approach. Applied Financial Economics 16: 717–29.

[CrossRef]
International Energy Agency. 2004. World Energy Outlook 2004. Available online: https://iea.blob.core.windows.net/assets/e2be51f1-

b04c-433f-9a68-93bfd46c7ad4/WorldEnergyOutlook2004.pdf (accessed on 6 March 2019).
IEA. 2019. Africa Energy Outlook 2019. World Energy Outlook Special Report. Available online: https://www.iea.org/reports/africa

-energy-outlook-2019 (accessed on 6 June 2019).

http://doi.org/10.1016/j.intfin.2021.101454
http://doi.org/10.1016/j.intfin.2014.03.002
http://doi.org/10.1016/S0165-1765(97)00282-6
http://doi.org/10.1016/j.energy.2016.07.012
http://doi.org/10.1016/j.eneco.2006.08.003
http://doi.org/10.1016/j.eneco.2009.08.014
http://eprints.whiterose.ac.uk/43089/
http://doi.org/10.3390/economies6040052
http://doi.org/10.3390/jrfm14090431
http://doi.org/10.9734/BJEMT/2016/22535
http://doi.org/10.1016/j.mex.2021.101262
http://doi.org/10.1016/j.eneco.2016.01.002
http://doi.org/10.1016/j.jmoneco.2009.06.001
https://www.eia.gov/international/data/world
https://www.eia.gov/international/data/world
http://doi.org/10.1111/j.1538-4616.2010.00323.x
http://doi.org/10.1111/jors.12071
http://doi.org/10.1016/j.frl.2017.12.013
http://doi.org/10.1016/S0164-0704(96)80001-2
http://doi.org/10.1016/j.inteco.2018.05.003
http://doi.org/10.1016/j.apenergy.2010.10.043
http://doi.org/10.1016/j.econlet.2015.02.002
http://doi.org/10.2307/2232396
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=1032834
http://doi.org/10.1016/S0304-3932(96)01282-2
http://doi.org/10.1016/S0304-4076(02)00207-5
http://doi.org/10.1080/09603100500426515
https://iea.blob.core.windows.net/assets/e2be51f1-b04c-433f-9a68-93bfd46c7ad4/WorldEnergyOutlook2004.pdf
https://iea.blob.core.windows.net/assets/e2be51f1-b04c-433f-9a68-93bfd46c7ad4/WorldEnergyOutlook2004.pdf
https://www.iea.org/reports/africa-energy-outlook-2019
https://www.iea.org/reports/africa-energy-outlook-2019


Economies 2022, 10, 272 27 of 29

Issa, Ramzi, Robert Lafrance, and John Murray. 2008. The turning black tide: Energy prices and the Canadian dollar. Canadian Journal
of Economics/Revue canadienne d’économique 41: 737–59. [CrossRef]

Iwayemi, Akin, and Babajide Fowowe. 2011. Impact of oil price shocks on selected macroeconomic variables in Nigeria. Energy Policy
39: 603–12. [CrossRef]

Ji, Qiang, and Ying Fan. 2016. Modelling the joint dynamics of oil prices and investor fear gauge. Research in International Business and
Finance 37: 242–51. [CrossRef]

Jiang, Jiaqi, and Rongbao Gu. 2016. Asymmetrical long-run dependence between oil price and US dollar exchange rate—Based on
structural oil shocks. Physica A: Statistical Mechanics and Its Applications 456: 75–89. [CrossRef]

Jin, Xuejun, and Fangfei Zhu. 2019. Global Oil Shocks and China’s Commodity Markets: The Role of OVX. Emerging Markets Finance
and Trade 57: 914–29. [CrossRef]

Keith, Benes, Andrew Cheon, Johannes Urpelainen, and Joonseok Yang. 2015. Low Oil Prices: An Opportunity for Fuel Subsidy Reform.
New York: Columbia University.

Khan, Khalid, Chi-Wei Su, Ran Tao, and Muhammad Umar. 2021. How do geopolitical risks affect oil prices and freight rates? Ocean &
Coastal Management 215: 105955.

Kilian, Lutz. 2008. A comparison of the effects of exogenous oil supply shocks on output and inflation in the G7 countries. Journal of the
European Economic Association 6: 78–121. [CrossRef]

Kin, Sibanda, and Mlambo Courage. 2014. The impact of oil prices on the exchange rate in South Africa. Journal of Economics 5: 193–99.
[CrossRef]

Kocaarslan, Baris, Mehmet Ali Soytas, and Ugur Soytas. 2020. The asymmetric impact of oil prices, interest rates and oil price
uncertainty on unemployment in the US. Energy Economics 86: 104625. [CrossRef]

Koenker, Roger, and Gilbert Bassett Jr. 1978. Regression quantiles. Econometrica: Journal of the Econometric Society 46: 33–50. [CrossRef]
Konstantakopoulou, Ioanna. 2016. New evidence on the Export-led-growth hypothesis in the Southern Euro-zone countries (1960–2014).

Economics Bulletin 36: 429–39.
Korhonen, Iikka, and Tuuli Juurikkala. 2009. Equilibrium exchange rates in oil exporting countries. Journal of Economics and Finance 33:

71–79. [CrossRef]
Korley, Maud, and Evangelos Giouvris. 2021. The regime-switching behaviour of exchange rates and frontier stock market prices in

Sub-Saharan Africa. Journal of Risk and Financial Management 14: 122. [CrossRef]
Kwiatkowski, Denis, Peter C. Phillips, Peter Schmidt, and Yongcheol Shin. 1992. Testing the null hypothesis of stationarity against

the alternative of a unit root: How sure are we that economic time series have a unit root? Journal of Econometrics 54: 159–78.
[CrossRef]

Lariau, Ana, Moataz El-Said, and Misa Takebe. 2016. An Assessment of the Exchange Rate Pass-Through in Angola and Nigeria.
International Monetary Fund. Available online: https://www.imf.org/en/Publications/WP/Issues/2016/12/31/An-Assessme
nt-of-the-Exchange-Rate-Pass-Through-in-Angola-and-Nigeria-44281 (accessed on 8 June 2020).

Lee, Chien-Chiang, and Jhih-Hong Zeng. 2011. The impact of oil price shocks on stock market activities: Asymmetric effect with
quantile regression. Mathematics and Computers in Simulation 81: 1910–20. [CrossRef]

Lee, Kiseok, Shawn Ni, and Ronald A. Ratti. 1995. Oil shocks and the macroeconomy: The role of price variability. The Energy Journal
16: 39–56. [CrossRef]

Li, Zheng-Zheng, Chi-Wei Su, and Meng Nan Zhu. 2021. How Does Uncertainty Affect Volatility Correlation between Financial Assets?
Evidence from Bitcoin, Stock and Gold. Emerging Markets Finance and Trade 58: 2682–94. [CrossRef]

Liu, Ming-Lei, Qiang Ji, and Ying Fan. 2013. How does oil market uncertainty interact with other markets? An empirical analysis of
implied volatility index. Energy 55: 860–68. [CrossRef]

Lizardo, Radhamés A., and André V. Mollick. 2010. Oil price fluctuations and US dollar exchange rates. Energy Economics 32: 399–408.
[CrossRef]

Lv, Xin, Donald Lien, Qian Chen, and Chang Yu. 2018. Does exchange rate management affect the causality between exchange rates
and oil prices? Evidence from oil exporting countries. Energy Economics 76: 325–43. [CrossRef]

Maghyereh, Aktham I., Basel Awartani, and Elie Bouri. 2016. The directional volatility connectedness between crude oil and equity
markets: New evidence from implied volatility indexes. Energy Economics 57: 78–93. [CrossRef]

Malik, Farooq, and Zaghum Umar. 2019. Dynamic connectedness of oil price shocks and exchange rates. Energy Economics 84: 104501.
[CrossRef]

Mekki, Rabiâa. 2005. The Impact of Foreign Direct Investment on Trade: Evidence from Tunisia’s Trade. In Capital Flows and Foreign
Direct Investments in Emerging Markets. London: Palgrave Macmillan, pp. 133–44.

Mensah, Emmanuel Kwasi, Umberto Triacca, Eric Amoo Bondzie, and Gabriel Obed Fosu. 2016. Crude oil price, exchange rate and
gross domestic product nexus in an emerging market: A cointegration analysis. Opec Energy Review 40: 212–31. [CrossRef]

Mensi, Walid, Shawkat Hammoudeh, and Seong-Min Yoon. 2015. Structural breaks, dynamic correlations, asymmetric volatility
transmission, and hedging strategies for petroleum prices and USD exchange rate. Energy Economics 48: 46–60. [CrossRef]

Mork, Knut Anton. 1989. Oil and the macroeconomy when prices go up and down: An extension of Hamilton’s results. Journal of
Political Economy 97: 740–44. [CrossRef]

Muhammad, Zahid, Hassan Suleiman, and Reza Kouhy. 2012. Exploring oil price—Exchange rate nexus for Nigeria. OPEC Energy
Review 36: 383–95. [CrossRef]

http://doi.org/10.1111/j.1540-5982.2008.00483.x
http://doi.org/10.1016/j.enpol.2010.10.033
http://doi.org/10.1016/j.ribaf.2015.11.016
http://doi.org/10.1016/j.physa.2016.03.016
http://doi.org/10.1080/1540496X.2019.1658075
http://doi.org/10.1162/JEEA.2008.6.1.78
http://doi.org/10.1080/09765239.2014.11884996
http://doi.org/10.1016/j.eneco.2019.104625
http://doi.org/10.2307/1913643
http://doi.org/10.1007/s12197-008-9067-x
http://doi.org/10.3390/jrfm14030122
http://doi.org/10.1016/0304-4076(92)90104-Y
https://www.imf.org/en/Publications/WP/Issues/2016/12/31/An-Assessment-of-the-Exchange-Rate-Pass-Through-in-Angola-and-Nigeria-44281
https://www.imf.org/en/Publications/WP/Issues/2016/12/31/An-Assessment-of-the-Exchange-Rate-Pass-Through-in-Angola-and-Nigeria-44281
http://doi.org/10.1016/j.matcom.2011.03.004
http://doi.org/10.5547/ISSN0195-6574-EJ-Vol16-No4-2
http://doi.org/10.1080/1540496X.2021.2009339
http://doi.org/10.1016/j.energy.2013.04.037
http://doi.org/10.1016/j.eneco.2009.10.005
http://doi.org/10.1016/j.eneco.2018.10.017
http://doi.org/10.1016/j.eneco.2016.04.010
http://doi.org/10.1016/j.eneco.2019.104501
http://doi.org/10.1111/opec.12076
http://doi.org/10.1016/j.eneco.2014.12.004
http://doi.org/10.1086/261625
http://doi.org/10.1111/j.1753-0237.2012.00219.x


Economies 2022, 10, 272 28 of 29

Ngoma, Abubakar Lawan, Normaz Wana Ismail, and Zulkornain Yusop. 2016. An analysis of real oil prices and real exchange rates in
five African countries: Applying symmetric and asymmetric cointegration models. Foreign Trade Review 51: 162–79. [CrossRef]

Nusair, Salah A., and Dennis Olson. 2019. The effects of oil price shocks on Asian exchange rates: Evidence from quantile regression
analysis. Energy Economics 78: 44–63. [CrossRef]

Nusair, Salah A., and Jamal A. Al-Khasawneh. 2018. Oil price shocks and stock market returns of the GCC countries: Empirical
evidence from quantile regression analysis. Economic Change and Restructuring 51: 339–72. [CrossRef]

Olomola, Philip A., and Akintoye V. Adejumo. 2006. Oil price shock and macroeconomic activities in Nigeria. International Research
Journal of Finance and Economics 3: 28–34.

Omotosho, Babatunde S. 2019. Oil price shocks, fuel subsidies and macroeconomic (in) stability in Nigeria. CBN Journal of Applied
Statistics (JAS) 10: 1.

Ozsoz, Emre, and Mustapha Akinkunmi. 2012. Real exchange rate assessment for Nigeria: An evaluation of determinants, strategies
for identification and correction of misalignments. OPEC Energy Review 36: 104–23. [CrossRef]

Peersman, Gert, and Ine Van Robays. 2009. Oil and the Euro area economy. Economic Policy 24: 603–51. [CrossRef]
Peng, Wei, Shichao Hu, Wang Chen, Yu-Feng Zeng, and Lu Yang. 2019. Modeling the joint dynamic value at risk of the volatility index,

oil price, and exchange rate. International Review of Economics & Finance 59: 137–49.
Pershin, Viyaly, Juan Carlos Molero, and Fernado Perez de Gracia. 2016. Exploring the oil prices and exchange rates nexus in some

African economies. Journal of Policy Modeling 38: 166–80. [CrossRef]
Pesaran, M. Hashem, Yongcheol Shin, and Richard J. Smith. 2001. Bounds testing approaches to the analysis of level relationships.

Journal of Applied Econometrics 16: 289–326. [CrossRef]
Phillips, Peter C., and Pierre Perron. 1988. Testing for a unit root in time series regression. Biometrika 75: 335–46. [CrossRef]
Pindyck, Robert S. 1993. A note on competitive investment under uncertainty. The American Economic Review 83: 273–77.
Ravazzolo, Francesco, and Philip Rothman. 2013. Oil and US GDP: A real-time out-of-sample examination. Journal of Money, Credit and

Banking 45: 449–63. [CrossRef]
Raymond, Jennie E., and Robert W. Rich. 1997. Oil and the macroeconomy: A Markov state-switching approach. Journal of Money,

Credit, and Banking 29: 193–213. [CrossRef]
Reboredo, Juan C. 2012. Modelling oil price and exchange rate co-movements. Journal of Policy Modeling 34: 419–40. [CrossRef]
Reboredo, Juan C., and Miguel A. Rivera-Castro. 2013. A wavelet decomposition approach to crude oil price and exchange rate

dependence. Economic Modelling 32: 42–57. [CrossRef]
Said, Husani, and Evangelos Giouvris. 2017a. Illiquidity, Monetary conditions, and the financial crisis in the United Kingdom. In

Handbook of Investors’ Behavior during Financial Crises. Cambridge: Academic Press, pp. 277–302.
Said, Husaini, and Evangelos Giouvris. 2017b. Illiquidity as an investment style during the financial crisis in the United Kingdom.

In Handbook of Investors’ Behavior during Financial Crises. Cambridge: Academic Press, pp. 419–46. Available online: http:
//ebookcentral.proquest.com/lib/rhul/detail.action?docID=4890799 (accessed on 7 July 2020).

Said, Husaini, and Evangelos Giouvris. 2019. Oil, the Baltic Dry index, market (il)liquidity and business cycles: Evidence from net oil
exporting/oil importing countries. Financial Markets and Portfolio Management 33: 349–16. [CrossRef]

Salisu, Afees A., and Hakeem Mobolaji. 2013. Modeling returns and volatility transmission between oil price and US–Nigeria exchange
rate. Energy Economics 39: 169–76. [CrossRef]

Sari, Ramazan, Shawkat Hammoudeh, and Ugur Soytas. 2010. Dynamics of oil price, precious metal prices, and exchange rate. Energy
Economics 32: 351–62. [CrossRef]

Soojin, Jo. 2014. The effects of oil price uncertainty on global real economic activity. Journal of Money, Credit and Banking 46: 1113–35.
Su, Xianfang, Huiming Zhu, Wanhai You, and Yinghua Ren. 2016. Heterogeneous effects of oil shocks on exchange rates: Evidence

from a quantile regression approach. SpringerPlus 5: 1187. [CrossRef]
Switzer, Lorne N., and Alan Picard. 2016. Stock market liquidity and economic cycles: A non-linear approach. Economic Modelling 57:

106–19. [CrossRef]
Tsagkanos, Athanasios, and Costas Siriopoulos. 2013. A long-run relationship between stock price index and exchange rate: A

structural nonparametric cointegrating regression approach. Journal of International Financial Markets, Institutions and Money 25:
106–18. [CrossRef]

Tsai, I-Chun. 2012. The relationship between stock price index and exchange rate in Asian markets: A quantile regression approach.
Journal of International Financial Markets, Institutions and Money 22: 609–21. [CrossRef]

Turhan, Ibrahim, Erk Hacihasanoglu, and Ugur Soytas. 2013. Oil prices and emerging market exchange rates. Emerging Markets Finance
and Trade 49: 21–36. [CrossRef]

Umar, Muhammad, Chi-Wei Su, Syed Kumail Abbas Rizvi, and Oana-Ramona Lobonţ. 2021. Driven by fundamentals or exploded by
emotions: Detecting bubbles in oil prices. Energy 231: 120873. [CrossRef]

Volkov, Nikanor I., and Ky-Hyang Yuhn. 2016. Oil price shocks and exchange rate movements. Global Finance Journal 31: 18–30.
[CrossRef]

Wang, Kai-Hua, Chi-Wei Su, Yidong Xiao, and Lu Liu. 2022. Is the oil price a barometer of China’s automobile market? From a
wavelet-based quantile-on-quantile regression perspective. Energy 240: 122501. [CrossRef]

Wang, Yong, Erwei Xiang, Wenjuan Ruan, and Wei Hu. 2017. International oil price uncertainty and corporate investment: Evidence
from China’s emerging and transition economy. Energy Economics 61: 330–39. [CrossRef]

http://doi.org/10.1177/0015732515625718
http://doi.org/10.1016/j.eneco.2018.11.009
http://doi.org/10.1007/s10644-017-9207-4
http://doi.org/10.1111/j.1753-0237.2011.00206.x
http://doi.org/10.1111/j.1468-0327.2009.00233.x
http://doi.org/10.1016/j.jpolmod.2015.11.001
http://doi.org/10.1002/jae.616
http://doi.org/10.1093/biomet/75.2.335
http://doi.org/10.1111/jmcb.12009
http://doi.org/10.2307/2953675
http://doi.org/10.1016/j.jpolmod.2011.10.005
http://doi.org/10.1016/j.econmod.2012.12.028
http://ebookcentral.proquest.com/lib/rhul/detail.action?docID=4890799
http://ebookcentral.proquest.com/lib/rhul/detail.action?docID=4890799
http://doi.org/10.1007/s11408-019-00337-0
http://doi.org/10.1016/j.eneco.2013.05.003
http://doi.org/10.1016/j.eneco.2009.08.010
http://doi.org/10.1186/s40064-016-2879-9
http://doi.org/10.1016/j.econmod.2016.04.006
http://doi.org/10.1016/j.intfin.2013.01.008
http://doi.org/10.1016/j.intfin.2012.04.005
http://doi.org/10.2753/REE1540-496X4901S102
http://doi.org/10.1016/j.energy.2021.120873
http://doi.org/10.1016/j.gfj.2016.11.001
http://doi.org/10.1016/j.energy.2021.122501
http://doi.org/10.1016/j.eneco.2016.11.024


Economies 2022, 10, 272 29 of 29

Wang, Yudong, Chongfeng Wu, and Li Yang. 2013. Oil price shocks and stock market activities: Evidence from oil importing and oil
exporting countries. Journal of Comparative Economics 41: 1220–39. [CrossRef]

Wu, Chih-Chiang, Huimin Chung, and Yu-Hsien Chang. 2012. The economic value of co-movement between oil price and exchange
rate using copula-based GARCH models. Energy Economics 34: 270–82. [CrossRef]

Xiao, Jihong, Min Zhou, Fengming Wen, and Fenghua Wen. 2018. Asymmetric impacts of oil price uncertainty on Chinese stock returns
under different market conditions: Evidence from oil volatility index. Energy Economics 74: 777–86. [CrossRef]

You, Wanhai, Yawei Guo, Huiming Zhu, and Yong Tang. 2017. Oil price shocks, economic policy uncertainty and industry stock
returns in China: Asymmetric effects with quantile regression. Energy Economics 68: 1–18. [CrossRef]

Yousefi, Ayoub, and Tony S. Wirjanto. 2004. The empirical role of the exchange rate on the crude-oil price formation. Energy Economics
26: 783–99. [CrossRef]

Zankawah, Mutawakil M., and Chris Stewart. 2020. Measuring the volatility spill-over effects of crude oil prices on the exchange rate
and stock market in Ghana. The Journal of International Trade & Economic Development 29: 420–39.

Zhou, Su. 1995. The response of real exchange rates to various economic shocks. Southern Economic Journal 61: 936–54. [CrossRef]
Zhu, Huiming, Yawei Guo, Wanhai You, and Yaqin Xu. 2016. The heterogeneity dependence between crude oil price changes and

industry stock market returns in China: Evidence from a quantile regression approach. Energy Economics 55: 30–41. [CrossRef]

http://doi.org/10.1016/j.jce.2012.12.004
http://doi.org/10.1016/j.eneco.2011.07.007
http://doi.org/10.1016/j.eneco.2018.07.026
http://doi.org/10.1016/j.eneco.2017.09.007
http://doi.org/10.1016/j.eneco.2004.06.001
http://doi.org/10.2307/1060733
http://doi.org/10.1016/j.eneco.2015.12.027

	Introduction 
	Literature Review 
	Theoretical Background 
	Empirical Evidence 
	Developed Countries 
	Developing Countries (Africa) 
	Asymmetric Effects of Oil Prices 
	Justification for QR Model 


	Data and Methodology 
	Data 
	Methodology and Research Hypotheses 
	Econometric Model 

	Results and Analysis 
	Stationarity and Cointegration 
	Structural Breaks 
	Oil Price and OVX Changes on Exchange Rate 
	OLS Estimation 
	QR model Estimation 
	Asymmetric Impacts of Oil Risk Changes on Exchange Rate under Different Market Conditions 
	Summary of Estimation Results 

	Robustness Checks: Markov Regime Switching Model 

	Conclusions 
	The ‘Big Picture’ in the Exchange Rate–Oil Nexus and Implications for the Countries Concerned 
	Limitations and Future Research 

	References

